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ABSTRACT 

The extant literature has demonstrated the benefits of electronic word-of-mouth 

(eWOM), electronic referral (eReferral), familiarity, and cultural distance on 

behavioral outcomes separately. Research efforts have overlooked their collective 

effects from educational tourism perspective. This dissertation fecundates the concept 

of eWOM, eReferral, familiarity, and cultural distance with social network theory to 

explore their influence on enrollment intention. Cross-sectional data garnered from 

educational tourists based on a judgmental sampling technique were subjected to linear 

modeling and artificial neural network modeling in training and testing phases. 

Empirical analysis based on a single-sourced data of n=931 educational tourists 

confirmed the influence of eReferral, eWOM, familiarity, and cultural distance on 

enrollment intentions symmetrically (linear modeling) and asymmetrically (artificial 

neural network). The artificial neural network technique exerted higher predictive 

relevance and validity. This dissertation provides meaningful theoretical, practical, 

and methodological insights into the collective and contributive effects of eReferral, 

eWOM, familiarity, and cultural distance on ed-tourist enrollment intentions. 

Practically, implications for university administrators and marketers are prescribed. 

Methodologically, the research provides incremental insights from orthodox (i.e., 

linear) and contemporary analytical (i.e., artificial neural network) techniques, which 

are relevant to the wider management and tourism literature. The results suggest that 

eReferral, eWOM, familiarity and cultural distance can predict intention to enroll in 

both symmetrically (linear modelling) and asymmetrically (Artificial Neural Network) 

manner. The asymmetric modeling possesses greater predictive validity and relevance. 

This study contributes theoretically and methodologically to the management literature 
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by validating the proposed relationships and deploying contemporary method such as 

Artificial Neural Network. 

Keywords: Familiarity, eReferral, eWOM, Online reviews, Cultural distance, 

Enrollment, Educational tourism 
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ÖZ 

Mevcut literatür, elektronik ağızdan ağıza iletişim (eWOM), elektronik yönlendirme 

(eReferral), aşinalık ve kültürel mesafenin davranışsal sonuçlar üzerindeki faydalarını 

ayrı ayrı göstermiştir. Araştırma çabaları, eğitim turizmi perspektifinden kolektif 

etkilerini gözden kaçırmıştır. Bu tez, kayıt niyeti üzerindeki etkilerini araştırmak için 

eWOM, eReferral, aşinalık ve kültürel mesafe kavramlarını sosyal ağ teorisi ile besler. 

Eğitim turistlerinden yargısal örnekleme tekniğine dayalı olarak elde edilen kesitsel 

veriler, eğitim ve test aşamalarında doğrusal modelleme ve yapay sinir ağı 

modellemesine tabi tutulmuştur. n=931 eğitim turistinin tek kaynaklı verilerine 

dayanan ampirik analiz, eReferral, eWOM, aşinalık ve kültürel mesafenin kayıt 

niyetleri üzerindeki etkisini simetrik (doğrusal modelleme) ve asimetrik (yapay sinir 

ağı) olarak doğruladı. Yapay sinir ağı tekniği, daha yüksek öngörücü alaka ve 

geçerlilik uyguladı. Bu tez, eReferral, eWOM, aşinalık ve kültürel mesafenin ed-turist 

kayıt niyetleri üzerindeki kolektif ve katkıda bulunan etkilerine dair anlamlı teorik, 

pratik ve metodolojik içgörüler sağlar. Pratik olarak, üniversite yöneticileri ve 

pazarlamacılar için çıkarımlar öngörülmüştür. Metodolojik olarak, araştırma, daha 

geniş yönetim ve turizm literatürü ile ilgili olan ortodoks (yani doğrusal) ve çağdaş 

analitik (yani yapay sinir ağı) tekniklerinden artan içgörüler sağlar. Sonuçlar, 

eReferral, eWOM, aşinalık ve kültürel mesafenin hem simetrik (doğrusal modelleme) 

hem de asimetrik (Yapay Sinir Ağı) şekilde kaydolma niyetini tahmin edebileceğini 

göstermektedir. Asimetrik modelleme, daha fazla tahmin geçerliliğine ve alaka 

düzeyine sahiptir. Bu çalışma, önerilen ilişkileri doğrulayarak ve Yapay Sinir Ağı gibi 

çağdaş bir yöntemi kullanarak yönetim literatürüne teorik ve metodolojik olarak 

katkıda bulunmaktadır. 
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Chapter 1 

1 INTRODUCTION 

This section discusses the goals and the contribution to theory and practice. 

Additionally, research limitations and shortcomings are addressed, as is the study's 

premise. Furthermore, a compilation of other chapters is included. 

The development of both the education and tourism industries has resulted in increased 

awareness of both sectors from an economic and social viewpoint in recent decades. 

As a result, tourism companies must use digital platforms and Web 2.0 marketing 

techniques to remain competitive (Cristobal-Fransi et al., 2017). The enjoyment of 

sharing and exchanging information about locations and other aspects of holidays is a 

vital component of the travel experience (Munar et al., 2013). Tourism managers have 

been inspired to develop many of their core functions online as a result of the 

widespread use of media and sharing platforms, as well as the rapid advancement of 

ICTs: advertising, networking, product and service delivery, destination image, brand, 

and identity tracking, knowledge and information formation, customer interaction, and 

expanding communications networks are just a few of the services that are available 

to consumers (Gon et al., 2016). 

Education and healthcare are two examples of services that are increasingly being 

provided online. In both, e-service quality, or the level of service that consumers 

receive through online channels, is essential (Blut et al., 2015). 
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The implied commitment to one's self to travel to a place to enjoy the attractions or 

activities is referred to as the intention to visit. Visit intention is critical for marketing 

practitioners because it demonstrates visitors' involvement and engagement to the 

actual location. Kim et al. (2009) showed that knowledge about the destination 

influences visits intention significantly. Furthermore, the subjective knowledge 

obtained via involvement in tourist activities leads to better decisions about visitation 

intentions (Sharifpour et al., 2014). A previous study on the factors that influence visit 

intentions (Loureiro and Sarmento, 2018) concluded that people's emotional 

attachment to the destination impacts their choice to visit such a location. As of March 

2018, this statistic shows the percentage of online users worldwide whose online 

buying behavior is influenced by social media according to country. Respondents said 

that reading reviews and comments on social media affects their online shopping habits 

(Figure 1). 
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Figure 1: Online users influenced by reading social media 2018, by country 

(Source: https://www.statista.com/statistics/297006/internet-users-expert-opinions-

before-purchase/) 

https://www.statista.com/statistics/297006/internet-users-expert-opinions-before-purchase/
https://www.statista.com/statistics/297006/internet-users-expert-opinions-before-purchase/
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Tourists on the demand side of today's experience economy spend a significant amount 

of time in virtual worlds searching for information before making purchasing choices. 

On the supply side, the ongoing advancement of ICT technology has placed destination 

marketing organizations (DMOs) in a highly competitive environment where more 

innovative tactics are required to distinguish destinations. Current brand management 

views emphasize the significance of delivering a good brand experience to customers 

when they interact with brands (e.g., via physical shops, advertising campaigns, or 

companies' websites or social media platforms) for this reason (Jimenez-Barreto et al., 

2019). 

The advent of social media has transformed visitors from passive recipients of services 

given by conventional advertising and government tourism sources into practical 

information producers. According to Sigala et al. (2012), today's travelers are 

producing a notable quantity of data, which is widely distributed on the Internet. To 

create and access new content, they work closely with their colleagues and interact 

with them (Boyd and Ellison 2008). Online social networks (OSNs) are usually cited 

as the most significant technical development in recent years, with a beneficial impact 

on the tourism sector (Bilgihan et al., 2013). OSNs include well-known sites such as 

Facebook and Twitter. It allows passengers to exchange their experiences, thoughts 

and opinions, hotel reviews, vacation ideas, and package offer via the use of OSNs 

(Bilgihan et al., 2013). The usage of OSNs has a significant effect on the lives of 

members of Generation Y (those born between 1978 and 1994) as they adopt the 

essence of interactive digital media. According to Kim et al. (2018), consumers like 

reading user reviews, which have been shown to influence their purchasing decisions; 

trust in online review forums, however, remains questionable.  
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Tourists are increasingly dependent on internet platforms to acquire necessary travel 

information, according to Bronner and de Hoog (2011). Aside from obtaining 

information, visitors may record and share their experiences, which serve as a resource 

for future travels. Platforms such as Instagram, Twitter, and Facebook accommodate 

and harbor several information generation activities through interactions, adverts, 

products, brands, and news. These features have transformed these sites into relevant 

marketing platforms (Leung et al., 2017). Such activities on such platforms can 

empower institutions to attract and retain international students in the context of 

educational tourism (ed-tour) (Harazneh et al., 2018). Tourists are more inclined to 

utilize social media to learn about a location or organization (Peruta and Shields, 2018; 

Xiong et al., 2018).  

According to Ritchie (2003) and McGladdery and Lubbe (2017), socio-psychological 

forces such as experience, familiarity, and culture are important factors for tourism 

product consumption. Familiarity reflects knowledge on how to acquire information 

about a business entity or institution. Facebook was the most widely utilized social 

media network among marketers worldwide as of January 2021. According to a global 

poll, 93 percent of social media marketers said that they used the platform to promote 

their brand, with another 78 percent using Instagram. When asked which social media 

network was most crucial for their business in early 2021, the great majority of global 

marketers chose Facebook. Advertisers and marketers have realized Facebook's 

potential as a marketing tool to reach new and existing customers as a result of its 

global reach, and have come up with new and unique ways to interact with their target 

audiences as a result (Figure 2). 
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Figure 2: Social media platforms used by marketers worldwide 2021 

(Source: https://www.statista.com/statistics/259379/social-media-platforms-used-by-

marketers-worldwide/) 

Familiarity with destinations, products, websites, and social media platforms appears 

to exert a significant influence on decision-making processes (Flavián et al., 2006; Jen-

Hwa Hu et al., 2017). In addition, culture reflects individuals' values, which exerts a 

meaningful impact on behavioral outcomes (Farzin and Fattahi, 2018). Past research 

showed that “the desire to see and experience a different culture is a motivator for 

leisure tourists, which influences destination preferences and choices” (Kozak, 2002, 

p. 4). However, cultural differences can also demotivate visit intentions (Qian et al., 

2018). In essence, cultural distance functions as both a motivator and a demotivator 

depending on the tourism context. Interestingly, research has rarely examined how 

cultural distance and familiarity regulate visitation and destination choices in the 

context of edu-tour.  

https://www.statista.com/statistics/259379/social-media-platforms-used-by-marketers-worldwide/
https://www.statista.com/statistics/259379/social-media-platforms-used-by-marketers-worldwide/
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Existing empirical work has identified electronic referral (eReferral; Al-Htibat and 

Garanti, 2019), electronic word-of-mouth (eWOM; Ladhari and Michaud, 2015), 

familiarity (Mittendorf, 2018), and cultural distance (Dang and Nandakumar, 2017; 

McGladdery and Lubbe, 2017a) as determinants of purchase decisions, tourist 

engagement, and visit intentions in other contexts. The lack of empirical evidence in 

the edu-tour context warrants further investigations. This study aims to contribute to 

the literature in various ways. The first is to shed light on the eReferral (i.e., based on 

strong ties), eWOM (i.e., based on weak ties), cultural distance, and familiarity 

concepts by examining their effects on intention to enroll using social network theory. 

Second, conceptualizing eReferral, eWOM, familiarity, and cultural distance can 

create an alternative and better medium to reach educational tourists (edu-tourists). 

Third, this study aims to provide answers regarding the relative importance of the 

aforementioned antecedents in predicting edu-tourists’ enrollment decisions. Fourth, 

this study utilizes an artificial intelligence technique to predict behaviors (e.g., 

enrollment decisions) in the edu-tour context. 

1.1 Problem Statement 

Online reviews such as eWOM and eReferral are becoming an increasingly important 

part of the digital marketplace and functions as facilitator for reputation. Scholars have 

reached a consensus that reviews assist firms to get noticed, increase sales, boost 

search engine results, convince clients to patronize a brand, firm, or business (Akile et 

al., 2021; Hu, & Yang, 2021; Jia, 2020). However, research in the field of educational 

tourism is scarce and hard to come by. Fan, Qiu, Jenkins and Lau (2020) also posited 

that cultural distance can motivate travel and interaction intentions between locals and 

tourists but acknowledged that perceived image of the destination may alter such 

nexus. Since online reviews have been shown to shape brand image, destination image 



  

8 

 

and trust (Abubakar & Ilkan, 2016; Abubakar et al., 2016). This research theorizes that 

online reviews can alter tourist ed-tourists destination image and trust which further 

shape perceived cultural distance. On the other hand, Mariani and Matarazzo (2020) 

argued that cultural distance between service provider and the tourist can influence 

online review ratings.  

The extant empirical findings highlight the presence of a bidirectional association, it 

is therefore imperative to analyze their collective effects on an outcome variable such 

as travel intention or intention to enroll in the context of educational tourism. With 

regard to familiarity, tourists with lower levels of familiarity depend on external 

information about a destination, primarily online reviews sources such as eWOM and 

eReferral. According to Chi, Huang and Nguyen (2020), high levels of familiarity 

create emotional attachment among tourists, rather than a sense of novelty and has 

been shown to shape intention to travel. Ying et al. (2020) also argued irrespective of 

context or type of familiarity, the resulting outcomes are always associated with 

motivation to engage in something.  

Artificial intelligence and linear modeling approaches were used in the present study 

to evaluate the probable relationships between eWOM and eReferral marketing 

strategies and how they influence edu-tourists' decision-making based on the social 

network model. Culture and cultural distance are seldom examined in educational 

tourism research due to their rarity.  Besides, this research exploring the impact of the 

strength of ties in online communications, familiarity and cultural distance and their 

interaction, in order to determine individual decision behaviors. Therefore, this thesis 

is carried out to provide answers to the following questions: 

1. Does Facebook eWOM predict educational tourists’ enrollment decisions? 
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2. Does Facebook eReferral predict educational tourists’ enrollment decisions? 

3. Does familiarity predict educational tourists’ enrollment decisions? 

4. Does cultural distance predict educational tourists’ enrollment decisions? 

5. Are these associations linear or non-linear? Or both?  

1.2 Research Purpose and Rationale of Study  

1.2.1 Purpose of the Dissertation 

This study adopts a network approach to unveil the possible interactions of eWOM 

and eReferral marketing strategies and how they influence edu-tourists’ decision-

making.  In line with social network theory, this research investigates the impacts of 

eReferral, eWOM, familiarity, and cultural distance on behavioral outcomes, 

particularly in the setting of educational tourism. In this study, linear modelling is 

device to determine relevant predictors and machine learning for prediction. 

Combination of linear modeling and ANN has been addressed their deficiencies 

through allowing the two methods to complement each other. 

1.2.2 Contribution and Significance of the Dissertation 

Existing empirical work has identified electronic referral (eReferral; Al-Htibat and 

Garanti, 2019), electronic word-of-mouth (eWOM; Ladhari and Michaud, 2015), 

familiarity (Mittendorf, 2018), and cultural distance (Dang and Nandakumar, 2017; 

McGladdery and Lubbe, 2017a) as determinants of purchase decisions, tourist 

engagement, and visit intentions in other contexts. The lack of empirical evidence in 

the edu-tour context warrants further investigations. This research aims to contribute 

to the knowledge in various ways. The first is to shed light on the eReferral (i.e., based 

on strong ties), eWOM (i.e., based on weak ties), cultural distance, and familiarity 

concepts by examining their effects on intention to enroll using social network theory. 

Second, conceptualizing eReferral, eWOM, familiarity, and cultural distance can 
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create an alternative and better medium to reach educational tourists (ed-tourists). 

Third, this study aims to provide answers regarding the relative importance of the 

aforementioned antecedents in predicting edu-tourists’ enrollment decisions. Fourth, 

this study utilizes an artificial intelligence technique to predict behaviors (e.g., 

enrollment decisions) in the edu-tour context. 

1.3 Outline of the Dissertation 

The study is structured as the second section provides a thorough examination of the 

research factors in terms of theory and what has been researched. The section also 

briefly describes the work of previous researchers on the possible associations of 

eWOM, eReferral, familiarity and cultural distance on intention to enroll. In addition, 

the section illustrates the theoretical and hypothetical interaction of the proposed 

variables. Section three provides a description of the methodological approach 

employed in the research, and a brief explanation regarding the type of data analyses, 

approaches used, and why such methods were used for this study. Section four presents 

the research results and findings of the current empirical study. The chapter also 

provides detailed explanations for each hypothesis. The implications of the study for 

research and practice are discussed in the concluding chapter. Best practices and 

recommendations for practice are presented as well as methods and caveats of the 

present study and future research.  
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Chapter 2 

2 LITERATURE REVIEW 

This chapter presents a theoretical background of the proposed research variables, a 

thorough literature review, and how the variables might interact with each other. This 

section also presents the research hypotheses, and how each hypothesis was developed. 

2.1 Educational Tourism 

There are many similarities between Cyprus and other small island states in the 

Mediterranean Sea, such as its geographical size and political isolation from the 

mainland. North Cyprus was forced to prioritize the services industry due to the 

country's political isolation and economic embargoes in virtually every field (Arici et 

al., 2014). The Turkish Republic of Northern Cyprus (TRNC) was formed in 1983 on 

a split island and is unrecognized by all countries except mainland Turkey. North 

Cyprus is strategically positioned in the Eastern Mediterranean. Because of its political 

non-recognition, the TRNC has no external trade connections with nations other than 

Turkey. Hence, international tourism and the growth of the higher education sector are 

two important sources of foreign exchange for this small island. However, the tourism 

industry has a hard time luring foreign visitors because of issues, including the absence 

of direct flights to North Cyprus and expensive transportation expenses. By the 1990s, 

the demand for higher education in North Cyprus had increased significantly, owing 

mostly to students from Turkey and foreign advertising, particularly in Africa and the 

Middle East. Since 1982, international students have started traveling to North Cyprus 

for higher education. Since then, the number of international students has steadily 
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increased. Thus, higher education is currently a major industry in North Cyprus, 

generating significant foreign exchange and helping to the development of this small 

and unrecognized island state (Katircioglu, 2010). Famagusta city gets the bulk of 

educational tourists and is home to Eastern Mediterranean University, North Cyprus's 

oldest and largest higher education institution (Katircioglu, 2014). In their research on 

the variables that drove Northern Cyprus students to travel for educational purposes, 

Abubakar et al. (2014) argued that the quality of life in the host community is a 

motivating factor for students to study abroad. In addition, natural beauty, safety, 

school quality, and employment possibilities are all significant motivators. 

People become tourists as they voluntarily depart from their present environment to 

see another. Regardless of how close or far this destination is, these people will usually 

engage in a variety of activities (Camilleri, 2018). As a result, tourists are visitors, and 

what they do while visiting another location may be considered tourism. The tourism 

industry agreed to use the term "visitors" (as opposed to "residents") to describe people 

who travel to another country. This definition encompasses two types of visitors: 

Tourists were defined as visitors who stayed in a location for at least 24 hours. Their 

visit could be classified as leisure if they are traveling for recreation, health, sport, 

vacation, study, or religious activities (Camilleri, 2018). In both developed and 

developing countries, tourism is one of the fastest-growing industries in the world. 

Tourism growth was fueled by leisure growth combined with the rise in authority and 

the desire to escape and enjoy holidays at home and internationally. Tourism 

definitions differ in terms of whether the term is supply-side (industry) or demand-side 

(consumer). 
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Educational facilities, such as universities and other institutions of higher learning 

around the globe, are beginning to offer undergraduate degrees in travel and tourism. 

This higher education or vocational institution will supplement the already well-

established higher national diplomas, postgraduate diplomas, and master's degrees in 

tourism and hospitality management. Due to the popularity of degree-level tourism 

programs, the number of courses offered has significantly increased over the last few 

years. Among the top universities in hospitality and tourism management are the Hong 

Kong Polytechnic University, the University of Central Florida, and the Eastern 

Mediterranean University (ARWU 2021). 

In recent decades, the growth of both education and tourism as industries has resulted 

in increased recognition of these industries from both an economic and social point of 

view. According to Ritchie (2003), “as countries become more interdependent, their 

success, growth, and economic prosperity will largely depend on the ability of two 

industries – education and tourism – to create the possibilities required to support 

international transfer and learning.” As a result of changes in the tourism industry, 

tourism and education have converged in which education enables mobility and 

learning to become a vital part of the tourist experience. According to Ritchie (2003), 

the association between education and tourism needs to be empirically investigated. 

It is vital to acknowledge that tourism and education are "difficult bedfellows" to 

understand educational tourism (Pitman et al., 2010). Opponents generally agree that 

it entails traveling outside with the major or minor aim of studying in a new setting 

(Richards, 2011; Stoner et al., 2014). Furthermore, conceptions of educational tourism 

differ. The majority of the research makes technical recommendations to address 

educational tourism regarding the industrial sectors or segments it encompasses or 
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ignores. Educational tourism is rising as a result of cultural tourism disruption, 

according to Magrizos et al. (2021), and it differs from volunteer tourism, language 

tourism, and innovative tourism. 

From an anthropological perspective, Ritchie's (2003) segmentation model of 

educational tourism examines motivating factors that influence visitors of different 

ages. Accordingly, the desire to learn attributes to educational tourism. According to 

Ritchie's approach, learning can be a major or secondary purpose for travel (2003, p. 

14); it can take place in an official capacity (with the help of an expert or guide), or it 

can take place informally (p. 11). Figure 3 shows his conceptual framework for 

education tourism's major components. 

Ritchie's (2003) approach has been widely recognized worldwide as a modeling 

approach for education tourism during the past decade. However, using a market 

segment strategy to define educational tourism drives the risk of eliminating industry 

sectors in which learning is a significant activity. Pitman et al. (2010) suggest a process 

framework for defining educational tourism to avoid this. Richards (2011) proposes 

the idea of educational tourism as a transformational experience. They also suggest 

that educational travel be viewed as an opportunity to learn about international 

citizenship.   
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Figure 3: Ritchie's educational tourism segmentation model 

Ritchie's model has some shortcomings. It does, however, help to conceptualize 

educational tourism as a specialized industry. It is challenging to adopt a motivating 

dichotomy of 'tourist first' or 'education first.' The term ‘educational tourism’ refers to 

"purposeful and deliberate experiential learning" (Pitman et al., 2010, p. 221). If the 

notion of the learning process, which is the learning of new skills and expertise, is 

accepted, several other tourism industries could be covered by education tourism. The 

sharing of knowledge and abilities between a visitor and a host is defined as "creative 

tourism" by Richards (2011), even though he specifically excluded them from his 

definition (p. 35). 
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Today's educational tourists are more knowledgeable, academically orientated, have 

higher purchasing power, and are more environmentally and culturally conscious 

(Slocum et al., 2019). According to Richards (2011), educational tourists are seeking 

new, genuine experiences rather than mass-produced ones and are particularly wary of 

cultural commercialization (Lyons et al., 2012). An additional criterion for an adequate 

educational tourism program has been added by Van't Klooster (2014), who agrees 

with international administrators. It must be distinct from the tourists' everyday 

experiences for educational travel to be fruitful. Most people think of educational 

tourism as a phenomenon that occurs at the higher level of education. 

Formal academic credit-bearing programs for educational tourism are examples of 

informal self-development excursions.  Learners may utilize cognitive, emotional, and 

behavioral outcomes to assess their progress via experiential learning. Learning about 

the global environment may be recognized as a principal objective of educational 

tourism that takes place in a cultural or environmental setting when the tourist is 

unfamiliar with; or when it has an international travel component. Under these 

circumstances, it is possible to develop global knowledge (cognitive results), universal 

mindedness (affective results), and global competence (behavioral results).  

The "compassion gap" can be traversed by educational tourism. Intercultural or 

international educational tourism may have global learning as an aim. Authenticity, 

the commoditization of traditional conventions, and the conservation of cultures are 

some of the challenges that educational tourism may help address. 
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2.2 Social Network 

Traditionally, a social network was defined as a specific set of connections between a 

defined set of individuals, groups, and business entities (Tichy et al., 1979). The 

characteristics of these connections could be used to interpret the individuals' social 

behavior, or shared values, visions, ideas, social contacts, financial or commercial 

exchanges (Serrat, 2017). A social network is determined by a number of individuals 

and organizations or other social institutions connected by a series of socially 

meaningful connections, like friendship, co-working, or the sharing of information 

(O’Murchu et al., 2004). Subsequent consumer searches and buying decisions have 

become significantly popular on social media websites (Lee & Koo, 2015). Online 

information-sharing systems, such as social networking sites, are referred to as "social 

media" (e.g., Facebook). 

An ongoing revolution is a social network in which members are identified as the 

audiences. A social network, according to Figure 4, can be seen as a "web" that 

surrounds individuals with direct or indirect social relations (illustrating the linkage 

between two circles) (illustrated by circles). For example, person A is directly 

connected to person C and may create indirect connections with people D, E, and F 

via person C. Person B, however, has five direct connections with others that lead to 

more indirect relationships between its social networks. Interactions between 

participants that can be direct or indirect promote social integration and allow them to 

form social networks with their peers. 

In addition, social networks may differ concerning their variability and size (Garton et 

al., 1997). It is common for traditional labor teams and rural communities to have 
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small, homogenous networks. Higher online communities have more variety in their 

members' social traits as well as more complexity in their structure. 

Residents are the participants in conventional social networks (e.g., family, friends, 

and relatives, people in face-to-face communities (such as those we encounter at the 

workplace or during group activities). In most cases, relationships are formed between 

people who live in the community, and services are provided to help the locals improve 

their social and economic conditions. As shown in Figure 5, conventional social 

networking sites are often modest in size, show homogeneity in terms of members and 

network nature, are constrained by the physical availability of representatives, and are 

separated from other networks. 

 
Figure 4: A social network is a web of relations (Source: Garton et al., 1997) 
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Figure 5: Traditional social network (Source: Garton et al., 1997) 

According to Kimball and Rheingold (2000), as technology develops, "social networks 

evolve as a result of human interactions through time, as well as the technical 

infrastructure that connects those individuals," evolving into online social networks 

generated by networked computers. Through the convergence of video conferencing, 

real-time interaction tools, SMS, and shared online workspaces, formerly in-person 

connections between persons are now conducted online. These digital environments 

help to boost inventiveness by allowing people to interact and create socioeconomic 

powers at higher levels. Social networks are also crucial in commercial activities and 

economic development. Users may exchange information on the wide variety of items 

provided, charges or pricing, and service quality using computer-mediated social 

networks to improve the reputation of a company's website and the services it gives 

(Hogg & Adamic, 2004). Global Trendyol users, for example, purchase things, debate 

products, share best practices and interests, and receive support and feedback from 

others. They also promote items that help them build their reputations in this online 

community. Through the increased interactions between people and small company 
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units that are loosely connected, this sort of virtual community boosts economic 

activity. 

2.3 eReferral  

As the profit-motivating eWOM proliferates, people tend to rely on trusted information 

sources or eWOMs, commonly known as e-referrals (Al-Htibat et al.,2019). What is 

missing is the interactive eReferral forming of the involvement of tourists, the 

intention to visit, and the sharing of e-referrals. eReferral is sent between friends, 

relatives, and social partners. Interactivity within the framework of the study is to what 

degree eReferral nature and contents promote cooperation between educational 

tourists (e.g., sound, videos, photos, emojis, and textual fonts). It is thus necessary to 

complement conventional electronic referral with interactive eReferral, which contains 

various videos, audio files, and pictures, emojis, and text fonts. According to the theory 

of social tie, connected associates become interested in and more likely to imitate each 

other's operations and decisions. 

In the area of travel information sharing and recovery, e-Referral takes attention (Jeong 

and Jang, 2011). In a hospitality context, the positive effect of eWOM, e-referral, and 

other types of on tourists' decision-making and destination choice has been confirmed 

(Ladhari & Michaud, 2015). Relevantly, research findings have shown that e-Referrals 

make up the vast majority of sales volume (Nielsen, 2012). 

When it comes to electronic referral (eReferral), the two are frequently conflated. 

eReferral is distinct from the other two ideas because it occurs among people with 

significant social connections. Affiliate marketing or referral marketing is one of the 

least developed aspects of internet marketing. Reciprocal referrals and client referrals 
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are the two aspects of eReferral in terms of technicality. Whenever two or more 

businesses agree to cross-refer clients, this is known as a reciprocal referral (Abubakar 

et al., 2016).   

In general, consumers prefer to seek out reliable information through eWOM 

(electronic word-of-mouth) (eReferral). A referral is "any good or negative remark 

made by a friend about a product or business, and made accessible to friends, family, 

coworkers, and others through the Internet" (Abubakar and Ilkan, 2016). Tourist 

engagement, visit intention, and eReferral sharing behavior are not well documented 

in hospitality marketing literature (Al-Htibat, A., & Garanti, Z., 2019). 

2.4 eWOM  

An influential and useful source of information for customers, electronic word of 

mouth (e-WOM) continues to dominate online marketing. It has been shown to be the 

main determining factor in approximately 20 to 50 percent of all buying choices 

(Bughin, Doogan, & Vetvik, 2010). As argued by Bulbul, Gross, Shin and Katz (2014), 

eWOM is ranked as the top source of trustworthy information and most influential 

factors by customers in their purchase of brands. One of the most important forms of 

eWOM in tourism and hospitality industry is online hotel reviews. 81% of the 

respondents to Boykin's (2015) survey said that internet user reviews were a significant 

source of information when selecting hotels, while 49% said that they only book hotels 

after reading online feedback prior to their judgment. 

Online reviews are perceived to be substantially credible which was confirmed by 

Anderson's (2014) research, where eighty eight percent of the respondents who are 

travelers said they trust online reviews as much as recommendations from family 
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members or friends. The term "prosumer" evolved as a result of the development of 

eWOM, which demonstrates how influential consumers have become as a result of 

their capacity to simply, rapidly, and freely share their experiences with goods or 

services with a big group of individuals (Grinevich, 2017). The majority of the material 

on review websites like Yelp, Google Reviews, TripAdvisor, and social networking 

sites, namely Instagram, Twitter, and Facebook, originates from user submissions, 

making them producer-consumers (prosumers) or co-creators.  

Through sharing of experiences and co-creation of contents, Siuda and Troszynski 

(2017) believe that for marketers, prosumers are becoming the essential part of brand-

imaging process. Social communities and review platforms have given prosumers easy 

access to discover information as well as easily share information. The same 

individuals who post reviews of their experiences in the morning, acting as prosumers 

can at night read other’s review for the purpose of choosing a hotel, restaurant or some 

other services, thereby becoming consumers. According to Ladhari and Michaud 

(2015), in the hotel industry, purchasing decision is perceived to be high risk because 

in the decision-making process, the reference group evaluation is important which 

further increases the impact that prosumers have on sharing eWOM. 

According to Jalilvand, Esfahani, and Samiei (2010), traditionally, word-of-mouth 

(WOM) refers to the interchange of communication between people about a specific 

product or service. WOM communication irrefutably has influence on both 

consumers’ decision and purchasing behavior; a product or service can deter or attract 

consumers depending on the friendliness of the conversation. For hotel managers, 

word-of-mouth communication and reviews are not new concepts, however, the rise 

in the eWOM communication as well as its influence on the purchasing power of 
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consumers have motivated managers to put their focus on review-generating initiatives 

and reputation management.  

Typically, WOM communication occurs on a one-on-one conversational basis, 

however, due to the capability and accessibility of online communities and internet, 

the concept has been entirely flipped and has made eWOM communication more 

important. Jalilvand et al. (2010) describe eWOM as any positive or informative 

review customers submit online about a good or service, allowing easy access to a 

wide variety of prospective or existing consumers. Marketing practitioners and 

researchers have discovered that about twenty five percent of consumers’ reviews are 

negative or critical, revealing that eWOM can not only be advantageous but 

disadvantageous too (Sotiriadis & Van Zyl, 2013).  

Even though positive word-of-mouth can positively and significantly affect 

consumers’ purchasing and decision-making decision, research also has it that 

negative word-of-mouth reviews can have a greater impact and influence on 

consumers’ behavior and attitude (Cheng  &  Ho, 2015) which is due to the fact that 

customers who are dissatisfied are often more aggressive when communicating their 

experiences, that is they seek to inform more people about their purchases or 

experiences than those satisfied. According to Breazeale (2009), customers who look 

to other consumers for information about products and brands are more likely to pay 

heed to negative comments and reviews than good remarks or reviews.  

From the customary marketing knowledge, consumers’ negative messages and 

complaints are important and research has it that when there is complaint from 

consumers, it indicates that a relationship exist between the consumers and the brand 
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and are concerned about the situation. All forms of communication from customers, 

whether positive or negative is a means for the organization to receive ideas and 

feedback on what should be changed or improved in the company’s operations, 

products or services. For companies that can handle consumer complaints, Meik, 

Brock, and Blut (2014) view them as a valuable source of information and knowledge. 

Due to the increase in internet usage, customers’ feelings are easily expressed online; 

Positive user-generated content, such as social media posts and reviews, might 

detrimentally affect a brand's image. It has been noted by researchers that there are 

types of negative customer-generated content especially in the social media context 

that organizations to professionally manage because of the likelihood of it being 

shared. Berger and Milkman (2012) argued that it is important for marketers to address 

the angry or unpleasant experiences of customers because the customers often transmit 

their feeling of disappointment or anxiety to potential customers.  

Several researches such as Cantallops and Salvi (2014); Crotts, Mason and Davis 

(2009); Di Pietro, Di Virgilio and Pantano (2012) have extensively published and 

reviewed the importance and significance of eWOM marketing for organizational 

success.  ninety percent of consumers, according to a study by Cheung and Thadani 

(2012), utilize eWOM, such as blogs and online reviews, to obtain knowledge about 

new goods; however, King, Racherla and Bush (2014) believed that the relationship 

will be stronger in the hotel context. There has been several research on eWOM 

communication in relation to satisfaction (Barreda & Bilgihan, 2013; Loureiro & 

Kastenholz, 2011), role of gender (Memarzadeh, Blum, & Adams, 2015; L. B. Sun & 

Qu, 2011) as well as analyzing failures in services (Sánchez-García & Currás-Pérez, 

2011; Swanson & Hsu, 2009).  
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There have been limited studies on the variables that drive customers to write eWOM 

reviews, as reported by Cantallops and Salvi (2014a). Yoo, Sanders, and Moon (2013) 

investigated the frequency of eWOM on social media (Facebook) concerning the tone 

of the message and the personality of the reviewer. Moreover, Chen et al. (2013) 

investigated consumer participation in eWOM review-writing and the effect on 

customer loyalty. A research by Yoo and Gretzel (2008) assessing 1,200 respondents 

using TripAdvisor travel platform was carried out to evaluate factors that motivates 

consumers to write eWOM reviews. The research was conducted to not just identify 

the motives for consumers’ writing online reviews but also assess these motives with 

respect to their demographic differences.  

Findings from their research revealed that eWOM communication, unlike the 

traditional WOM does not consist of exchange of conversation but entails reviews 

posted anonymously without the reviewer expecting a conversation or response in 

return; also discovered was the list of motivators which includes self-enhancement, 

enjoyment, expressing positive feelings, power, helping the company, venting 

negative feelings and concern for other consumers (Yoo & Gretzel, 2008). Consumers' 

buying choices are undoubtedly influenced by WOM since they tend to consult 

relatives or friends whose views they trust. Researchers started studying the perception 

of trust offline and online as soon as online review became common (Urban, Amyx, 

& Lorenzon, 2009).  

Fine, Gironda and Petrescu (2017, p. 6) quoting Glen mentioned that, “Trust often 

connotes trustworthiness, integrity, dependability, confidence, and kindness in the 

conventional [offline] meaning”; also research shows that same characteristics 

associated with trust offline is associated with that of trust online (Urban et al., 2009). 
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Several researches discovered that consumers perceive online review as more 

trustworthy that organizations’ advertisement aimed at mass marketing their products 

(Cheung & Thadani, 2012). According to Pan and Chiou (2011), since reading of 

online review has become an important factor influencing consumers’ purchasing 

decision, especially for purchases that are high-risk like hotel stays, destinations and 

flights, researches have studied  specific clues in online review that can generate 

consumer trust like negative or positive reviews, review rating and connection to 

poster.  

In online reviews, when organizations identify the general level of trust by consumers, 

it can help them have a better understanding of factors that affects the frequencies in 

which consumers write reviews; however, due to self-reported behavior issues, trust 

was eliminated from Fine et al.'s (2017) research. In order to extend the research on 

eWOM, several scholars have used Hennig-Thurau, Gwinner, Walsh and Gremler's 

(2004) research as a foundation for that. A research by Rensink (2013) rooted in Web 

2.0 was carried out to identify why consumers switch from consumer to prosumer, 

motivations on their participation in writing negative and/or positive online review and 

the influence of personality.   

Drawing on Hennig-Thurau et al.'s (2004) seven motivational factors, Rensink (2013) 

added some factors that motivate negative and positive tradition WOM 

communication and came up with other lists which includes helping the company, self-

enhancement, venting negative feelings, social benefits, concern for other consumers’, 

warning other consumers and advice seeking.  Rensink (2013) constructed hypotheses 

for the five personal traits: openness, conscientiousness, extraversion, agreeableness, 

and neuroticism to identify the moderating effect of personality characteristics on 
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eWOM exchange. The motivation for user-generated content were the independent 

variables, involvement was the dependent variable while personality and 

positive/negative user-generated content were used as the moderating variables. 

Findings revealed that ‘social benefits’ motivation is the only motivation that is 

applicable for consumers to be more involved in creating online reviews; also, the 

study discovered that several differences exist between motivations in creating 

negative and positive online reviews. Also, the personality traits have an insignificant 

effect on consumes’ motivation to post online review (Rensink, 2013).  

Unlike traditional WOM, eWOM recommendations are typically generated by 

anonymous users in a text-based format. Because of this anonymity, consumers have 

difficulty determining the veracity of the material and are thus more circumspect 

(Chatterjee, 2001). Previous eWOM studies overlooked the degree to which social 

connections develop inside the domain of social networks and the impact they have on 

a consumer's choice to purchase a product or service. Indeed, among the most apparent 

features of online communications is that they are frequently one-way. The majority 

of online consumers are classified as "lurkers," who read information and reviews but 

infrequently or never take part (Kim et al., 2018). The study on the social impacts of 

eWOM communication is sparse, even though social connections influence consumer 

behavior and decisions (Granovetter, 1983). 

Online word-of-mouth, or eWOM, has become more prevalent since the advent of the 

internet. In the online environment, eWOM is defined as any good or negative 

comment made about a product or firm by future, existing, or past consumers open to 

a large number of people and organizations over the web (Hennig-Thurau et al., 2004, 

p. 39). Because they are founded on group commonalities, the ideas disseminated via 
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the network via eWOM are viewed as remarkably credible by users (Fatma et al., 

2020). Reviews of a company's products and services posted on an online platform 

(e.g., company website, third-party retailer, online community or forum, search 

engine, or social media platform) by a person who claims to have used or purchased 

the product or service are examples of eWOM (Filieri et al., 2021). Informal customer 

conversations regarding a product or company are known as eWOM (Assaker et al., 

2021). Electronic word-of-mouth (eWOM) communication is gaining increasing 

interest and attention in commercial disciplines such as marketing strategies, consumer 

behavior, economic management, and information systems (Chu et al., 2020). 

2.5 Familiarity  

Consumer behavior is significantly influenced by familiarity. Familiarity refers to an 

individual's direct and indirect understanding of a service or product. It is a term that 

refers to an individual's evaluation of a brand or service as a result of personal 

experience, advertising, or WOM (Kaya et al., 2019). The familiarity of a website can 

influence consumers' views and purchasing decisions. Familiarity is a prerequisite of 

trust because it creates a framework and understanding of the environment and the 

trusted party within which the expectations of trust can be explicated (D. Gefen, 2000). 

Most customers need a certain level of familiarity with services to make them feel 

secure and comfortable.  Accordingly, some writers believe that familiarity is gained 

not only by product usage (internal sources) but also through knowledge received from 

external sources such as advertising or word-of-mouth (Casalo et al., 2008).  

Participants that were familiar with the website gained more knowledge about how to 

utilize the system, allowing them to traverse the website more easily than non-

familiarized participants, according to Veldof and Beavers (2001). Consumers' 
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ultimate conclusions may be influenced by their familiarity with the website, such that 

individuals change their judgments based on their experience with website usage. 

Customer familiarity with a specific store affects how they absorb information (Blanco 

et al., 2010). Personal experience of a website or familiarity of a website refers to a 

consumer's knowledge of the website, such as knowledge of the website and the 

relevant procedures, such as the search for information. Familiarity with a website can 

influence consumer behavior on a familiar website. The client learns what information 

the website collects, how data is used, or how to control the information and its use; 

such knowledge is difficult to obtain on an unfamiliar website.  

According to research, customer familiarity with a website leads to a feeling of 

intimacy (Lee et al., 2011), and intimacy, which is a matter of privacy (Li, 2014), 

facilitates the self-disclosure of personal information on the consistent use of the 

website. Reynolds and Simintiras (2006) observed that because clients are hesitant to 

invest time, energy, and effort in researching web pages, familiarity may increase 

website loyalty. 

People who were born during the advent and spread of the digital and social revolution 

are referred to as Digital Natives. They are heavy Web 2.0 users, searching, accessing, 

consuming, purchasing, and producing massive amounts of data, goods, and services. 

As a result, they constitute a different generation endowed with unique digital inherent 

skills that have elevated them to the status of 'informal experts' in the fields of the 

Internet, digital culture, media platforms, and ICT (Line et al., 2011). People who are 

"digital natives" have natural intelligence and abilities in interacting with digital 

portable devices (e.g., tablets and smartphones).  In addition to being frequent users of 
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social media, they are likely familiar with Web 2.0 technologies, participate in online 

communities, and produce user-generated content (Gon et al., 2016). 

In their research on website familiarity, Qiu-Ying et al. (2012) hypothesized that 

familiarity expands the area of future expectations and enables individuals to develop 

verified confidence in the anticipated future based on prior interactions. According to 

Qiu-Ying et al. (2012), consumer familiarity with shopping websites, such as 

Amazon.com, where consumers may inquire and buy books, investigate the 

transaction process, and the more consumers are familiar with the shopping website, 

the more likely it creates sound expectations, emotions, and behavior. As a result of 

the previous study, we define website familiarity as the degree to which consumers are 

familiar with the design and content of an online shopping website. The data in the 

chart shows the attitudes towards online shopping according to the results of the 

Statista Global Consumer Survey conducted in Turkey in 2020. About 72 percent of 

respondents said online comments were very helpful. Before purchasing a product, 

many online shoppers looked at what other customers had to say about it (Figure 6).  
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Figure 6: Attitudes towards online shopping in Turkey 2020 

(Source: https://www.statista.com/forecasts/1003017/attitudes-towards-online-

shopping-in-turkey) 

As stated by Kaya et al. (2019) the website familiarity significantly and directly affects 

the evaluation of advertising and indirectly affects the quality of the website. Not only 

does familiarity refer to product use (internal sources), but also knowledge gained from 

ads and WOM. The term "website familiarity" relates to one's awareness of how a 

website works, what it presents, and what it admires. It represents the breadth of 

experience with the acquired goods, services, and consuming settings of a website. 

2.6 Cultural Distance  

According to tourism scholars, social interaction and cultural distance are crucial in 

forming knowledge about travel experiences, intergroup interactions, and tourist 

attitudes. Intergroup interactions can improve mutual understanding, reduce prejudice 

and stereotypes, and improve intergroup interactions (Fan et al., 2017). According to 
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Goeldner et al. (2012), the larger the cultural distance, the stronger the resistance. A 

better investigation of the connections between social interaction and cultural distance 

may substantially strengthen ties across areas, particularly those that are tense and 

resentful of one another. Personal ties and an understanding of different cultures may 

help overcome political divisions through tourism, which may connect people. As a 

result of these factors, tourism is recognized as one of the most effective means of 

promoting world peace (Goeldner et al., 2012). 

Goeldner et al. (2012) define culture as "a complex totality that encompasses 

knowledge, belief, art, morals, law, tradition, and any other capacities and habits 

acquired by man as a member of society." It affects how people choose, analyze, 

interprets, and utilize information. Cultural distance is a term used in tourism research 

to describe the degree to which the culture of the origin region differs from that of the 

host location (Goeldner et al., 2012). In addition to cultural differences, attitudes 

toward leisure (for visitors) and work (for hosts) may generate social obstacles in the 

interaction between the two groups; for example, effective communication, behavioral 

patterns, and quality of service norms, among others.  According to Cohen (1972), the 

most significant elements to compare are the variations in cultural qualities between 

tourists and hosts, in tourism research. Because culture may be interpreted in several 

ways, different researchers provide diverse views of this topic in their research. 

According to Cohen (1972), the perceived cultural distance of visitors is connected to 

various variables, namely cuisine, privacy, cleanliness, social conduct, 

communication, and cultural values. 

Culture has a significant impact on how passengers interact throughout their trip 

planning process, which makes tourism among the most internationally integrated 
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industries in the world today (Qian et al., 2018). The tourism industry must place a 

greater emphasis on cross-cultural variables to create a positive destination image 

among visitors and, as a result, attract more of them. Culture is described as “the 

configuration of learned behavior and results of behavior whose component aspects 

are shared and distributed by members of a specific society” (Linton, 1945). Culture 

affects every member's conduct and perception of another's behavior.  Consumer 

decisions are influenced by culture. The majority of research indicates that culture is 

consistently one of the most influential factors in consumer decision-making 

(Solomon, 2004). People's decision-making processes are impacted by culture 

(Rokeach, 1973). 

Consumer behavior is influenced by cultural values (Farzin and Fattahi, 2018). Culture 

has long been thought to have a significant impact on human behavior, with the 

presumption that an individual's behavior reflects their cultural value system. 

Individual preferences and decision-making are thought to be influenced by culture 

(Farzin and Fattahi, 2018). The cultural dimension is when people in a nation prefer to 

act in an independent or individualistic rather than interdependent or collectivistic 

manner (Blut et al., 2015). Individualistic cultures, like masculine cultures, are 

expected to be more agentic, focusing on the positive, seeking risk, and having a 

functional orientation. Collectivistic cultures, like feminine cultures, are expected to 

be more communal, with an emphasis on loss prevention and an experiential 

orientation (He et al., 2008). 

Cultural distance quantifies the degree to which national cultures differ and are similar 

to the host culture (Crotts, 2004). According to Qian et al. (2018), the degree of cultural 

distance between the source and host areas may be quantified. Cultural differences 
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have been proposed as a probable explanation for how consumers and managers in 

different countries make different decisions (Tahir and Larimo, 2004). Jackson (2001) 

empirically examined such association on cultural aspects, with individuals from high-

level collectivistic societies tending to select culturally different destinations. People's 

perceived risks were higher when they visited less familiar (or more culturally distant) 

destinations, according to Lepp and Gibson (2003), due to their ignorance of local 

languages, signs, and customs (Lepp & Gibson) (2003). 

2.7 Theoretical Framework 

Interactivity within the framework of the study is to what degree eReferral nature and 

contents promote cooperation between educational tourists. This dissertation 

fecundates the concept of eWOM, eReferral, familiarity, and cultural distance with 

social network theory to explore their influence on enrollment intention. 

2.7.1 Social Network Theory 

The status of social network theory at the moment has been shaped by a diverse range 

of research traditions. Scott (1998) asserts that three fields of research aided in the 

initial development of the idea. First, there is the tradition of sociometric assessment 

that is founded on approaches from mathematical graph theory. Second, interpersonal 

interaction tradition is predicated on the development of cliques within a group of 

individuals. Finally, there is the tradition of anthropology that measures the structure 

of community interactions in a particular context.  

Innovations are spread between individuals or groups within a social system. The 

network of individuals responsible for originating, transmitting, and accepting 

innovations may be thought of as a social platform, with network connections 

consisting of friendship, communications, and social aid. Diffusion is fundamentally 
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a networked process. How quickly innovations are accepted may depend on the 

structure and features of a social-relationship network (Valente, 1996). 

Until the 1960s, these research traditions remained disjointed and did not form a 

cohesive theoretical framework. Numerous sociologists have contributed significantly 

to the social network technique by combining and building on previous academic 

concepts to grasp formal and informal social connections. The sociometric perspective 

on social networks, in fact, has been created, concentrating on structural aspects such 

as the relative position of specific network nodes. Additionally, inspectors enhanced 

social network approaches during this period by introducing block modeling and 

multidimensional scaling. The position of a node in a social network is taken into 

account while modeling blocks. It helps scholars to discover nodes with relative 

network locations or architecturally identical nodes. On the other hand, the scaling 

method enables researchers to translate social ties into sociometric distances, mapping 

them in a social space (Wasserman and Faust, 1994).  

The degree of connectivity among a collection of nodes is measured by network 

cohesion. This metric has proven effective for detecting subgroups or cliques inside a 

broader social network over a lengthy period (Burt, 1987). Network cohesiveness is a 

fundamental structural feature in the field of media impact research because it serves 

as a moderator of interpersonal network influence. Among other aspects, Friedkin's 

(1993) longitudinal examination revealed an increase in personal impact in more 

cohesive social networks compared to less cohesive ones.  

Previously, social network theory provided three network centrality metrics: degree, 

betweenness, and closeness to distinguish the favorable view that opinion conductors 
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typically own (Freeman, 1979). The number of connections to and from a person in a 

network is defined by the extent of centrality. Greater centrality gives people more 

opportunities to learn and spread information, which increases their chances of 

becoming opinion leaders (see Figure 7, black node). Betweenness centrality is a 

measure of the frequency with which an individual node is on the shortest route 

connecting other nodes in the network. Network bridges with high centrality are more 

likely to connect fragmented clusters. Information may not reach other areas of a 

network of individuals with high centrality in the betweenness oppose its spread, much 

as gatekeepers prevent it from reaching other parts of a network.  

The node in Figure 7 that is light gray fills this critical position. It also estimates the 

average distance between a single node and the network as a whole. Less distance 

between the central person and everyone else in the network means that they can send 

information faster. Because they are good at reaching out to other people in their 

network, individuals with high closeness centrality are influential. There is a 

significant degree of proximity among the dark gray nodes in Figure 7. 
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Figure 7: Opinion leaders’ network with a high degree of centrality, proximity 

centrality, and betweenness centrality 

(Source: Adapted from Everett’s kite, in Brandes and Hildenbrand, 2014) 

Social network theory relates to social relationships via nodes (i.e., individuals) and 

ties (i.e., interaction between individuals). A social network represents a “set of people, 

organizations, or other social entities, connected by a set of socially meaningful 

relationships” (Kim, Kandampully & Bilgihan, 2018, pg. 244). Individuals use social 

networks and social media for several reasons, spanning social, economic, 

psychological, and emotional gains (Granovetter, 1973, 1983). Kim et al. (2018) 

argued that social networking ideology is premised on the fact that: (1) “social 

networks play a significant role in determining individual attributes and actions (e.g., 

by exposure to information and ideas), and (2) the network of relationships in which 

the individuals are embedded is more important in explaining behavior than are the 

intrinsic attributes of the individuals themselves” (pg. 244).  



  

38 

 

Our study is based on social network theory and investigates the impacts of eReferral, 

eWOM, familiarity, and cultural distance on behavioral outcomes, particularly in the 

setting of educational tourism (Figure 8). Luo et al. (2015) used social network 

analysis to investigate the communication features of travel-related eWOM on SNSs 

from both the ego and entire network perspectives. The findings reveal that travel-

related eWOM communication via SNSs (Social Network Sites) relies on pre-existing 

social relationships, with links classified as strong, moderate, or weak. Gray et al. 

(2011) contended that taking a social network approach to understanding how social 

bookmarking systems assist individuals in crossing structural gaps to obtain further 

information might help explain why some workers are more inventive than others. 

Their research indicates that social bookmarking systems may aid in the lubrication of 

ideas as they travel between social environments. Casanueva et al. (2016) aim to offer 

Social Network Analysis methodologies used in tourism research that are based on 

reliable information about their current use using social network analysis. It then 

suggests future advancements in the same field. According to Chang (2021), social 

networks (intelligence, friendship, and counsel) influence three factors of tourist 

attitudes development (cognition, affection, and action tendency). 

2.8 Hypotheses Development 

In light of the above discussions, four hypotheses are developed. 

H1: eReferral has a positive and significant effect on enrollment intentions. 

H2: eWOM has a positive and significant effect on enrollment intentions. 

H3: Familiarity has a positive and significant effect on enrollment intentions.  

H4: Cultural distance has a positive and significant effect on enrollment 

intentions. 
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2.8.1 eReferral, eWOM and Enrollment Intentions 

Online reviews are and will continue to be an essential source of information for 

tourists (Litvin et al., 2017; Wong et al., 2020). The concept of Referral is not well 

understood in the literature because scholars often interchangeably mix it with eWOM. 

The abstraction of each concept differs on two factors (i) strength of social ties and (ii) 

the onymous nature of eReferral (Abubakar et al., 2016). Strong social ties ensure a 

shared sense of social identity, which facilitates group-wise decisions. Information 

from eReferral is transmitted and shared among individuals (i.e., friends, family 

members, close associates) who share common social ties (Abubakar et al., 2016) 

instead of eWOM. Standing et al. (2016) found that strong ties were more efficient 

than weak ties, and friends' recommendations impact a person's purchase intentions.  

The internet is not the single information source utilized to select a location; in other 

words, individuals within one’s social circle contribute and somehow validate one's 

findings, for example. De la Hoz-Correa and Muñoz-Leiva (2018) stated that 

“Opinions and suggestions from key figures of reference such as friends, family 

members, colleagues, and tour operators affect the process of making choices towards 

medical tourism locations.” (pg. 207). Individuals share information because they want 

to help and guide their friends, acquaintances, and family members to select the right 

products, destinations, and services (Bilgihan et al., 2016). It has been demonstrated 

that eWOM has a positive impact on visitors' intent to travel (Abubakar and Ilkan, 

2016; Filieri, 2015). Despite the ample evidence on the relationship between eWOM 

and consumer decisions, little is known in the edu-tour context. Additionally, the 

literature lacks knowledge on the simultaneous effects of eWOM and eReferral on 

potential consumers’ intentions, and there are calls for additional studies in other 

contexts (Ladhari and Michaud, 2015; Erkan and Evans, 2016). Close associates, 
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family members, and friends are influential in decision making due to the shared strong 

social ties. In light of the above discussions, the following hypotheses are proposed: 

H1: eReferral has a positive and significant effect on enrollment intentions. 

H2: eWOM has a positive and significant effect on enrollment intentions. 

2.8.2 Familiarity and Enrollment Intentions 

Familiarity “is an understanding, often based on previous interactions, experiences, 

and learning of what, why, where and when others do what they do” (Luhmann, 1979 

in Gefen, 2000, p. 727). According to Mittendorf (2018), familiarity "means allowing 

for relatively safe future predictions by assuming asymmetric relationships between a 

system and its surroundings, so reducing risk exposure" (p. 379). It has a notable 

influence on consumers’ decision-making processes, such as their intention to continue 

using a site (Jen-Hwa Hu et al., 2017), their platform engagement (Chen et al., 2011), 

destination image and travel intentions (Chen and Lin, 2012), and their online 

shopping behavior; familiarity also reduces disorientation (Suki and Suki, 2013). 

Tourists exert efforts (i.e., information search or experience) to gain familiarity (De la 

Hoz-Correa and Muñoz-Leiva, 2018), and familiarity with websites and social media 

platforms can facilitate the decision-making process (Flavián et al., 2006). Prospective 

tourists not only build on their experiences to gain familiarity, but also spend time and 

energy on searching for and acquiring useful information and sources. For example, 

familiarity with educational tourism promotional site or the focal university websites, 

social media outlets, and other online information sources would facilitate potential 

tourists to search, retrieve information, get in touch with the institution, like, comment, 

or share social media posts and probably develop enrollment intention. In the context 

of ed-tour, this study theorizes that familiarity with websites and social media pages 
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might increase students’ enrollment intentions. In light of the above discussions, the 

following hypothesis is proposed: 

H3: Familiarity has a positive and significant effect on enrollment intentions.  

2.8.3 Cultural Distance and Enrollment Intentions 

Individuals' attitudes and behaviors reflect their exiting cultural values, norms and 

beliefs (Farzin and Fattahi, 2018). Perceived cultural distance is the “extent to which 

people from one culture perceive people from other cultures to be different from them 

in terms of their ethnicity, nationality, language, values and customs” (Sharma and 

Wu, 2015, p. 3). In line of this, the current study theorizes that when perceived cultural 

distance is high, the level of interpersonal communication might be discouraged, 

which further limits interaction among individuals and related outcomes. On the other 

hand, the current study theorizes that a low perceived cultural distance would 

encourage interaction and its potential outcomes. Culture can influence consumers' 

purchase decisions or visit intentions (Dang et al., 2017) and acculturation orientations 

(Liu et al., 2018). Investigations unveil that cultural distance has a negative impact on 

destination choice (Yang et al., 2016; Yang et al., 2018). This study argues that in the 

context of ed-tour, cultural distance is a motivating factor, as prospective students are 

more likely to enroll in a university at a destination with a different culture. Ed-tourists 

are novelty seekers (i.e., they aim to experience a new and different culture or learn a 

new language) as opposed to traditional tourists (Abubakar et al., 2014; Harazneh et 

al., 2018; McGladdery and Lubbe, 2017a). Calls for research on how culture influences 

visit intention have been issued in past work (Chen and Law, 2016; McGladdery and 

Lubbe, 2017b; Martin et al., 2017). In response to these calls and in light of the above 

discussions, the following hypothesis is proposed: 
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H4: Cultural distance has a positive and significant effect on enrollment 

intentions. 

 



  

 

 

 

Figure 8: Research Model (Source: authors)
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Chapter 3 

3 RESEARCH METHODOLOGY 

As it is indicated in the title, this chapter includes the research methodology of the 

dissertation. In more details, in this part the author outlines the research strategy, the 

methodological approach and conceptual model employed in this study, philosophy of 

research and discusses the sampling method, plan, size, location of the study, data 

collection instruments, procedural and statistical analyses. 

3.1 Research Philosophy 

The Methodology Scheme in Figure 9 provides a clear and structured approach to 

ensure that you can identify each of the choices you make when selecting my research 

design for my thesis. The development of a research design starts with the location in 

a particular research paradigm of my proposed work. However, it should be noted that 

some data collection and analysis methods are not determined by certain paradigms. 

The capacity to recognize and justify the interlocking decisions as a research design is 

vital (Saunders et al., 2007).  
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Figure 9: Methodology Scheme (Saunders et al., 2007) 
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3.1.1 Strategy (Survey) 

A popular strategy among hospitality and tourism researchers is the quantitative survey 

search approach. This research strategy is synonymous and closely related to deductive 

approach (Altinay et al., 2015). It is a process whereby a researcher selects a sample 

of informants from the general population. Consequently, a standardized questionnaire 

or structured survey is administered, and respondents or participants are expected to 

provide answers according to their perceptions or experiences.   

3.1.2 Research Philosophy (Positivism) 

Positivism advocates a more objective view of reality by relying on concrete facts from 

surveys. Positivism has always been connected with scientific study (Altinay et al., 

2015). Positivists advocate quantitative techniques with high reliability and 

representativeness, such as social surveys, structured questionnaires, and government 

statistics. Sociologists in positivist research look for connections, or 'correlations,' 

between two or more variables. Positivism's core premise is that there is an external 

world that may be investigated and known.  

Positivists believe that nature is fundamentally organized and regular and that an 

objective reality exists irrespective of human observation and is waiting to be 

discovered. Much scientific work under the positivist paradigm is devoted to 

elucidating the fundamental causes of natural events (Persoon, 2010). Positivism is 

frequently offered as an inadequate starting point from which other and improved 

viewpoints may be explored that are more suited to the search issues and possibilities 

at hand. Specifically, scholars use positivism to advocate for a more nuanced 

understanding of science. This dissertation takes a deductive research approach. The 

researcher examines previous work, reads existing theories, and then evaluates ideas 

derived from those theories. 
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Whereas empiricists maintain that the only legitimate method of learning about the 

world is through observation, experiment, and experience, rationalism proponents 

believe that reason is the fundamental source of knowledge (Mukherji and Albon, 

2018). In the opinion of rationalists, it is possible to obtain knowledge of a subject 

without having directly witnessed the phenomena in question through the acts of 

thinking and reasoning. Mukherji and Albon (2018) distinguish between two forms of 

reasoning: deductive and inductive reasoning.  

 As a result of prior information that is known to be accurate, deductive 

reasoning allows one to draw inferences about a subject. Consider the 

following statement (premise): 'Newborn infants cannot communicate.' One 

might accept that this statement (premise) is accurate: The fact that 'baby John 

can pronounce DaDa' suggests that he is not a newborn. It only works if the 

first premise is true.  

 As previously stated, inductive reasoning is the process through which one 

draws conclusions about something based on the likelihood that a claim is 

accurate in light of the events that have occurred earlier. Consider the following 

scenario: you've noticed that every cat you've seen has a furry coat, and you've 

come to the conclusion that all cats have furry coats. It is always possible that 

an exception to the rule will arise while using inductive reasoning, therefore 

disproving the hypothesis. However, this is extremely unlikely. 

The philosophy of positivism has its beginnings in the field of physical science that 

conducts research methodically and scientifically. Mukherji and Albon (2018) claim 

that positivism considers the cosmos as being ruled by immutable, universal laws and 

argues that knowledge of these universal principles can account for everything that 
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occurs around us. To grasp these universal laws, we must first observe and record 

events and phenomena in a systematic manner and then derive the underlying principle 

that 'caused' the event. The tale of Sir Isaac Newton and the apple is an illustration of 

this mechanism in action. Isaac Newton is said to have seen an apple fall straight to 

the ground while strolling through an apple tree. He began to develop the gravity 

theory after becoming curious about how high above the earth the force of gravity 

affected. The observable event in this scenario was a falling apple, and the underlying 

universal rule was gravity (Mukherji and Albon, 2018). 

3.1.3 Methodological Choice (Quantitative Method) 

A quantitative study was conducted to meet the dissertation's objectives. The main 

feature of quantitative research is that it provides a comprehensive description and 

analysis of a research topic without limiting the scope of the study to the nature of 

participants' responses (Collis and Hussey, 2003). We chose an appropriate method for 

data analysis. These approaches are broadly classified as deductive, and they are 

typically used to analyze quantitative data. 

The positivist worldview lends itself to the use of quantitative approaches due to its 

empirical, methodical approach to study. Investigators that employ a quantitative 

research methodology frequently (but not always) focus on the confirmatory stages of 

the research cycle, namely a hypothesis development and the collection of the 

numerical data to test it. In contrast to the qualitative approach, which focuses on 

expressing experiences, emphasizing the importance, and delving into the heart of an 

issue, the quantitative technique aims to quantify, measure, or find the size of 

phenomena. 
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3.1.4 Time Horizon (Cross Sectional) 

According to Saunders et al. (2007), empirical research time horizons is a prerequisite 

for successful implementation of any given research methodology. Cross-sectional and 

longitudinal are the two popular research time horizons, in which cross sectional 

studies are associated with limited time span and/or pre-set time is created for data 

acquisition e.g., collecting information about the phenomenon of interest at a given 

time without interval. Cross-sectional study can be thought of as providing a snapshot 

of a phenomenon's behavior and characteristics at a specific time (Saunders et al., 

2007). Longitudinal studies are repeated over an extended period, where researchers 

collect data within an interval, for instance, 1 week or month or more. For the present 

study, data will be collected from individuals studying at the university and at a time, 

thus this study can be classified as a cross-sectional study.  

3.2 Study Context 

Ed-tour is an increasingly popular trend in the tourism industry. It involves deliberate 

and explicit learning experiences that lead to the acquisition of knowledge and skills 

(Pitman et al., 2010; Ritchie et al., 2003). The phenomenon occurs in two ways: 

‘tourism first’ or ‘education first’ (Ritchie, 2003). The former is generally for informal 

education and learning purposes with touristic experiences as complementary 

byproducts and services, for example, excursions to amusement parks or zoos, or 

camping. The latter is generally for formal education and learning purposes, such as 

professional certification, language, exchange, undergraduate, and graduate programs. 

Touristic experiences are often secondary to educational activities (Ritchie, 2003). 

Ed-tourists "are individuals or groups who travel to and stay in places outside their 

usual environment for more than 24 hours and not more than one year for study, 
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business, leisure, and other activities" (Abubakar et al., 2014, p. 58). According to 

McGladdery and Lubbe (2017b), the achievement of intercultural competence 

motivates tourists to participate in edu-tour. This is because multicultural or cultural 

intelligence contributes to personal and career development. Other motivators and 

determinants for participation include English language programs, the quality of 

teaching, the reputation of the destination and its institutions, and the desire to 

encounter a new culture and experiences (Abubakar et al., 2014; Harazneh et al., 

2018). Political, safety, and discrimination concerns can function as demotivators 

(Harazneh et al., 2018; Nagai and Kashiwagi, 2018).  

Online reviews from past and present students, social media promotions, opinion 

leaderships, and influencers are substantial predictors of enrollment (Peruta and 

Shields, 2018). Students are not experts but are perceived as trustworthy ambassadors 

in the ed-tour context (Gómez et al., 2018). eWOM is described as "any constructive 

or negative feedback about services and products provided by current or past 

customers and made available to other customers over the internet" (Hennig-Thurau et 

al., 2004, p. 39). eWOMs are reviews from different people with limited social ties, 

with the possibility of profit motivations, for example, firms’ sponsored posts that 

impersonate consumers. eReferrals are reviews from people with strong social ties. 

eWOM is stronger than eReferral because the coverage area of the message transmitted 

through weak ties is limitless (Granovetter, 1982). Social media sites entail groups and 

a community of friends who share some level of ties, such as family members, friends, 

and acquaintances (Abubakar et al., 2016). This internal structure and network aids 

students’ decision-making through increased access to knowledge from experienced 

peers (Granovetter, 1982).  
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3.3 Data Collection 

3.3.1 Pilot Study 

A pilot test is a vital stage in any research project. It is a small study used to evaluate 

research procedures, data collection tools, sample recruitment tactics, and other 

research methodologies in advance of conducting a huger study. A pilot study is a 

critical step in any research endeavor since it identifies possible issue areas (Hassan et 

al., 2006).  

Pilot studies are a critical stage in the research process. A pilot study was used to 

determine the viability of a technique that will be utilized in larger-sized research. Pilot 

studies are small-scale, exploratory studies that are used to examine the feasibility of 

critical components of a more comprehensive investigation. Pilot studies are 

frequently used to refer to a quantitative technique for evaluating a research 

instrument. Conducting pilot research does not ensure that the main study will be 

successful, but it does improve the probability (Conelly, 2018). 

In our research a small-case version of the complete survey was tested with 30 

students. The pilot also tested whether the questionnaire was comprehensible and 

appropriate, and that the questions were well defined, clearly understood and presented 

in a consistent manner. We observed that there is no issues for changes. Our pilot study 

has demonstrated that the study protocol is feasible. 

3.3.2 Sample and Procedure 

It is almost impossible for scholars to collect data from all cases and the propensity 

that all cases will responds or answer the study questions is quite low. This primary 

due to constraints such as financial, access, timing, scope, and reach. Overtime social 
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science scholars devised a feasible way to collect responses and/or access a social 

phenomenon using a sample (a sub-set of population). The population refers to the 

total group of instances from which the researcher draws a sample. Because 

researchers lack the time and resources necessary to analyze the whole population, 

they employ sampling techniques to minimize the number of instances. Figure 10 

illustrates the stages that are likely to go through when conducting sampling. 

 
Figure 10: Sampling Process Steps (Taherdoost, 2016) 
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The sampling procedure begins with a well-defined target population. The term 

"population" is frequently used to refer to the whole people who live in a specific 

nation as the name suggests, the sample size is a set of real-world examples from which 

a sample will be taken. The target population must be representative of the population 

as a whole. For starters, it's vital to understand what sampling includes and why 

researchers would pick a particular sample. The process of picking a subset from a 

chosen sample size or the entire population is known as sampling. For example, a 

sample might be used to establish generalizations about a population or to test pre-

existing ideas. Basically, this is dependent on the sampling strategy chosen. Overall, 

there are two major sampling techniques:  

 Probability or random sampling  

 Non- probability or non- random sampling  

A wide sampling method must be selected before settling on a particular kind of 

sample approach. The Figure 11 illustrates the various sampling strategies 

(Taherdoost, 2016). 
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Figure 11: Sampling Strategies (Taherdoost, 2016) 

The term "probability sampling" refers to the fact that every item in the population has 

an equal chance of being included in the sample. Probability sampling technique are 

free of classification error, sampling bias, and estimation errors.  

 Simple random sampling is a random sample that indicates the potency of 

every instance in a given population having an equal chance of being included 

in the sample. 

 Systematic sampling is a technique in which every nth example following a 

random start is chosen. 

 Stratified random sampling divides the population into strata (or subgroups) 

and draws a random sample from each subgroup. 

 Cluster random sampling is a technique in which the entire population is split 

into clusters or groups. Then a sample drawn from the clusters or some of the 

clusters depending on intent or strategy.  
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 Multi-stage random sampling is the process of shifting from a large to a 

focused sample in a step-by-step manner. 

Non-probability sampling is a valuable sampling approach that may be utilized in 

quantitative, qualitative, and mixed methods quantitative research. Non-probability 

sampling is a sampling strategy in which the researchers choose samples based on their 

subjective assessment rather than random selection as oppose to probability sampling 

technique (Taherdoost, 2016). 

 Quota sampling is a non-random sampling approach in which participants are 

chosen based on predefined qualities; the entire sample has the same 

distribution of characteristics as the larger population. 

 Snowball sampling is a non-random sampling approach that employs a few 

instances to persuade additional cases to participate in the research, expanding 

the sample size. 

 Convenience sampling is the practice of selecting participants based on their 

availability and ease of access. For instance, surveying every other person that 

enters a café where the researcher is sitting having his/her meal.  

 Purposive or judgmental sampling is a method in which specific locations, 

individuals, or events are chosen purposefully to provide critical information 

that cannot be acquired by other choices. It occurs when the researcher includes 

cases or participants in the sample solely based on their belief that they should 

be included. 

Sampling bias or sample selection bias leads to errors that appear in research studies 

when the researchers do not accurately select their participants. A random sample 
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needs to be of sufficient size to reduce the risk of bias in sampling. After establishing 

the target population, sampling frame, sampling procedure, and sample size, the next 

step is to gather data. 

According to Churchill (1996), in the judgmental sampling technique “the sample 

items are selected on the basis that they are considered to represent the specified target 

population" (p. 582). According to the information obtained from the ministry of 

education, there are 102,944 students (local inclusive) studying in Northern Cyprus. 

The total number of population size is 102,944 and we are comfortable with a ±5% 

margin of error. We can see we will need at least 383 (it was obtained using survey 

monkey sample size calculator) student to take our survey. The informed consent form 

and questionnaires were sent to the University Ethics Committee and necessary 

permissions were obtained prior to data collection. Permission to conduct the survey 

was issued by the management of the universities. Paper-based survey were distributed 

by the researcher to the related instructor and were collected within two days by the 

researcher.  Using a judgment sampling technique, 1200 survey packets were 

dispatched to undergraduate and graduate students studying in Northern Cyprus. The 

purpose of the research was explained to the participants, and they were told that there 

were no right or wrong answers and that they could quit at any time. The researchers 

assured them of information confidentiality. Proximity often leads to consistency in 

responses to nearby items and variables (Weijters et al., 2009). To overcome this 

problem, we placed the construct items on separate pages to make them appear 

unrelated. This procedure was done to evade the potential threats of social desirability 

and the common method bias (Podsakoff et al., 2012). At the end of the survey, 972 

packets were returned, yielding an 81% response rate. 41 packets had missing 



  

57 

 

information and were therefore discarded from the study, leaving behind 931 valid 

forms.  

3.4 Study Measures 

Abubakar et al. (2016) created 4-items to measure eReferral. "I frequently evaluate 

institutions recommended by my friends, colleagues, and family," for example. The 

mean (M) was 3.63, and the standard deviation (SD) was 0.77.  

Abubakar et al. (2017) used a 6-item questionnaire to assess electronic word-of-mouth 

(eWOM). For instance, "I frequently read other students' online reviews to ensure I 

enroll in a good institution." The mean is 3.63, and the standard deviation is.71. 

Gefen's (2000) 4-item was used to assess familiarity. "I am familiar with the processes 

of searching for and obtaining information about institutions online," for example. The 

mean is 3.36, and the standard deviation is.89. 

Sharma et al. (2015) used a 6-item scale to assess cultural distance. For instance, 

"customs are very different from mine." The mean is 3.80, and the standard deviation 

is.74. 

Shukla's (2010) 3-item questionnaire was used to assess students' intentions to enroll. 

For example, "I enroll in this institution rather than any other available institution." 

The mean is 3.85, and the standard deviation is.74. 

For all the measures student rated their response options on a 5-point Likert scale 

spanning from 5 (strongly agree) to 1 (strongly disagree). Demographic data includes 

gender, age, marital status, enrolled program, class and country. 
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eReferral was measured with 4 items utilized by Abubakar et al. (2016). eWOM was 

measured with 6 items utilized by Abubakar et al. (2017). Familiarity was measured 

with 4 items utilized by Gefen (2000). Cultural distance was measured with 6 items 

utilized by Sharma et al. (2015). Students’ enrollment intentions were measured with 

3 items utilized by Shukla (2010). The measures were rated on a 5-point Likert scale 

spanning from 5 (strongly agree) to 1 (strongly disagree). The list of items is given in 

Appendix A. The demographic data include gender, age, marital status, enrolled 

program, year/class of study, and country of origin.   

3.5 Analytical Approaches 

This dissertation employs a multi-method approach namely linear and asymmetric 

techniques. At the first instance, the linear method was deployed to identify the 

importance of the examined predictors, while the asymmetric a kind of method 

machine learning method (Artificial neural network (ANN)) was deployed for 

predictive purpose. Researcher argued that ANN is an integral component of artificial 

intelligence and machine learning algorithm and has been championed to be smarter 

compare to traditional canonical correlation, regression and structural equation 

modeling analyses (Abubakar et al., 2019). ANNs are useful for accurate and precise 

decision-making and are less restrictive than multivariate assumptions as 

homoscedasticity, linearity, and normality are not enforced (Abubakar et al., 2019; 

Sharifi et al., 2019). Despite these features and capabilities, due to its black-box 

operational nature, ANN is not completely exemplary for evaluating causations. Linear 

modeling has the tendency to oversimplify complexities, which in turn harms decision-

making processes (Abubakar, 2018; Günther & Fritsch, 2010). This thesis 

amalgamates linear and ANN techniques to address their deficiencies through allowing 

the two methods to complement each other. For linear and ANN modeling R program 
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version 1.0.136 was deployed, utilizing linear and relaimpo packages and neuralnet 

package. The analytical steps followed are illustrated using a flowchart in Appendix B 

and the R codes are reported in Appendix C.   
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Chapter 4 

4 RESULTS OF STUDY 

This section of the thesis provides a thorough summary of the empirical findings from 

the analysis of the results conducted on data obtained from different universities. More 

precisely, the chapter includes a detailed analysis of the respondents' demographic data 

as well as the outcomes of the hypothesis testing. 

4.1 Demographic Breakdown 

The present study garnered a total of 931 responses from the participants. The 

demographic breakdown of the participants is as follows: male participants make-up 

64 percent and the rest comprise of females. Regarding marital status, single 

respondents are the majority summing up to (96 percent) and the remaining 4 percent 

of the respondents were married. Age wise, about 35 percent of the participants were 

in the 18–20 age range, 62 percent were in the 21–30 age range, and the rest were older 

than 30 years. 77 percent of the respondents were enrolled in bachelor’s degree 

programs, 12 percent in associate degree programs, and the rest in postgraduate degree 

programs. Majority of the participants (39 percent) are freshmen (first year students), 

34 percent are sophomores (second year students), 15 percent are juniors (third year) 

and the remaining are seniors (fourth year students). Consequently, most of the 

respondents (61.44 Percent) are from mainland Turkey, 8.38 percent of the 

respondents are from Nigeria, 3.65 percent for the respondents are from Pakistan, 3.54 

percent for the respondents are from Zimbabwe, 3.11 percent for the respondents are 

from Iran and the rest from other countries (See Table 1 for details).  
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Table 1: Demographic variables (n = 931) 

 Number of students Percentage 

Gender   

Male 600 64.4 

Female 331 35.6 

Age   

20 or younger 330 35.4 

21–30 574 61.7 

31-40 22 2.4 

Older than 40 5 0.5 

Marital status   

Single 896 96.2 

Married 35 3.8 

Education/enrolled program   

Associate degree 107 11.5 

Bachelor’s degree 715 76.8 

Higher degree 109 11.7 

Year/class of study   

First year 360 38.7 

Second year 316 33.9 

Third year 142 15.3 

Fourth year 113 12.1 

Nationality   

Turk 572 61.44 

Nigerian 78 8.38 

Pakistani 34 3.65 

Zimbabwean 33 3.54 

Iranian 29 3.11 

Jordanian 28 3.01 

Syrian 24 2.58 

Egyptian 15 1.61 

Palestinian 13 1.40 

Libyan 12 1.29 

Yemeni 9 0.97 

Iraqi 6 0.64 

South African 6 0.64 

Kazakhstani 5 0.54 

Azerbaijani 4 0.43 

Eritrean 4 0.43 

Ugandan 4 0.43 

British 3 0.32 

Congolese 3 0.32 

Sudanese 3 0.32 

Turkmenistan 3 0.32 
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4.2 Results of Coefficients between Variables 

The results in Table 2 show that eReferral, eWOM, familiarity, and cultural distance 

have a symmetric (linear) impact on enrollment decisions. Four methods of relative 

relevance were employed to determine the influence of predictor factors. The first 

method depicts the contribution of each variable when included first, which is the 

squared covariance between the response variable and the focal predictor variable. The 

last method depicts the contribution of each variable when included last, also called 

usefulness. Lmg method depicts R2 contribution averaged over orderings among 

regressors proposed by Chevan and Sutherland (1991) and Lindeman et al. (1980). 

Pratt method depicts the product of the standardized coefficient and the correlation. It 

shows that the predictor exerted a positive and significant influence on the response 

variable, with 32.44% of the variance explained by the model (see Figure 12).  

Table 2: Linear modeling coefficients for enrollment intentions 

 

Exogeneous variable  Estimates  SE   t   ρ  

 

 

(Intercept)  1.179 0.141  8.379 *** 

eReferral  0.062 0.029  2.136 * 

eWOM  0.099 0.031  3.144 ** 

Familiarity  0.258 0.024 10.942  *** 

Cultural distance  0.320 0.029  10.804 *** 

 

Multiple R-squared = .324;  Adjusted R-squared  = .321 

F-statistic  = 111.2;  Degree of freedom  = 926 

 

Note: estimate = unstandardized coefficient; SE, standard error; t = t statistics;  

*p ≤ 0.05; **p ≤ 0.01; ***p ≤ 0.001 

 

 



  

 

 

 

Figure 12: Relative importance of the predictor variables (Source: authors) 
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Intelligence delineates the ability of a system to obtain information and retain it as 

knowledge to be applied towards adaptive behaviors within an environment or context. 

Resilient backpropagation with weight backtracking algorithm with the aid of multiple 

layers was used. As for differentiable error function and activation function, the sum 

of squared errors and logistic function were employed. The logistic function was used 

for all layers (i.e., hidden and output layers). These algorithms provide support for 

ANN to minimize errors during the learning or training process. In the training stage, 

random synaptic weights are usually assigned to connect layers to adjust and obtain 

minimal errors. The lm model yielded a mean square of error (MSE) value of .301. 

Using (2, 2) multi-layer hidden nodes, ANN yielded an MSE value of .004, which 

denotes that ANN was better at predicting the performance and accuracy of the 

research model. Figure 13 shows the synaptic weights of the nodes (input, hidden, and 

output). The training process took 372 steps for the absolute partial derivatives of the 

error function to satisfy the condition (<0.001). 

Although ANN has “superior predictive power” and flexible non-linear response 

values, it has issues with pictorial cluttering that affect interaction weights 

visualization and other undesired behaviors in terms of interpretation (Beck, 2015). 

Scholars recommended the use of generalized weight distributions for ease and 

usefulness in interpreting the effects of a predictor variable on the response variable 

(Alice, 2015). The distribution weight plot in Figure 14 shows that eReferral, eWOM, 

familiarity, and cultural distance exert an asymmetric effect on intention to enroll as 

the generalized weights are above zero.  

 



  

 

 

Figure 13: Artificial neural network modeling (Source: authors) 



  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 14: Generalized weight distribution for artificial neural network modeling (Source: authors) 
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4.3 Results of Neural Network 

Ten simulated networks were subjected to a cross-validation test that used 75% and 

25% of the data for training and testing, respectively, to avoid over-fitting.  According 

to the MSEs obtained from the simulated networks shown in Table 3, the test data 

predicted the same outcome as the training data. Thus, H1, H2, H3, and H4 received 

empirical support.  

Table 3: Training and testing networks 

 

# Network 

 

Training 

 

Testing 

 

1 

2 

3 

4 

5 

6 

7 

8 

9 

10 

Mean MSE 

 

.004 

.004 

.009 

.009 

.009 

.003 

.004 

.009 

.009 

.004 

.007 

 

.011 

.010 

.004 

.003 

.005 

.011 

.010 

.002 

.004 

.009 

.007 

 

Note: MSE = mean square of error 
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Chapter 5 

5 DISCUSSION AND CONCLUSION 

5.1 Discussion 

This dissertation cross-fertilizes the literature of online reviews, cultural perceptions, 

and familiarity in the context of ed-tour. By doing so, this research underline the 

relevance of eWOM, eReferral, familiarity, and cultural distance on the intention to 

enroll in the context of ed-tour by using artificial intelligence and linear modeling 

techniques. The employed techniques confirmed the predictive nature of the 

exogenous variables on the response variables. In sum, the predictors can facilitate the 

path toward a sustainable ed-tour marketing and promotion mix.  

The results showed that all predictors have a significant symmetrical and asymmetrical 

effect on the intention to enroll. ANN (asymmetric modeling) appears to exert more 

significant levels of predicting performance and accuracy, in that it predicted 

enrollment intention better than the linear (symmetric) modeling. The findings for 

hypotheses 1 and 2 show that both eReferral and eWOM have a positive symmetrical 

and asymmetrical influence on the intention to enroll. Prior work delineates that 

eWOM and eReferral have significant impacts on brand image and consumer buying 

intentions (Abubakar et al., 2016). Previous findings advocate that social ties and 

individuals' networks of friends have a profound influence on intention to use (Chen 

et al., 2017; Kim et al., 2018). The results of the study contribute to the social network 

theory (Granovetter, 1983) by bringing to light the vital roles of social networks in ed-
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tourists’ enrollment decisions. The tourists, who are the actors, attach importance to 

the information obtained from the people in their electronic social networks, which are 

defined as ties in determining their decisions. They behave in accordance with these 

ties/networks (Viren et al., 2015). 

Furthermore, this research detailed the mechanisms through which eReferral and 

eWOM influence enrollment decisions by providing a richer understanding of the 

differences between eWOM (i.e., weak ties) and eReferral (i.e., strong ties). 

Individuals are affected by the strength of their relationships. The higher the amount 

of interactions and similarities individuals have with one another, the higher the level 

of influence. People with strong social ties tend to share similar views (Jen-Hwa Hu et 

al., 2017). While the shared strong ties between friends, family members, and group 

members are categorized as eReferral, the dissemination of information between 

people with weak social ties is commonly realized as eWOM (Abubakar et al., 2016).  

It appears that the symmetrical influence of eWOM is higher than that of eReferral, 

whereas the asymmetrical influence of eReferral is higher than that of eWOM. 

Individuals who share strong ties have a higher number of interactions and similarities, 

which explains the more substantial asymmetrical impact of eReferral on the intention 

to enroll and the more substantial symmetrical impact of eWOM on the intention to 

enroll. An informed individual who shares a strong tie with a potential ed-tourist is 

more likely to influence enrollment decisions than less informed individuals. 

However, the level of influence for eWOM seems to be stable due to the lack of 100% 

credibility and the inability to ascertain and confirm the level of knowledge of the 

eWOM source.  
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Regarding hypothesis 3, this research unveils that familiarity has a positive 

symmetrical and asymmetrical influence on intention to enroll. Prior work asserts that 

familiar travelers are expected to have higher intentions and interest in traveling to a 

destination (Kerstetter and Cho, 2004). Similarly, familiarity with a website or social 

networking system influences destination selection (Chung et al., 2015) and the 

perception of the destination's presence on the social network (Di Pietro et al., 2012). 

Consumers become familiar by obtaining more information from websites and feeling 

knowledgeable (Choi et al., 2016). Moreover, familiarity with technology may be 

directly affected by family culture and values, together with usage of and access to 

technology by family members (Zhang et al., 2017). Familiarity serves as a trust and 

confidence mechanism. Our finding is imperative as familiarity with a website or 

social media page appears to have a notable influence on the intention to enroll due to 

acquired knowledge. In sum, in this research, we find that familiarity has a prominent 

influence on enrollment intentions. 

Contrary to the mainstream literature which posits that cultural distance is negatively 

related to travel intention, the results for hypothesis 4 reveal a positive symmetrical 

and asymmetrical influence of cultural distance on the intention to enroll. For instance, 

a study conducted in Hong Kong in the context of leisure tourism suggested that 

marketers should focus on markets with less cultural distance (Qian et al., 2018). Prior 

research shows that Western (individualist) tourists are more likely to visit less 

culturally distant destinations, as opposed to Asian (collectivist – 

https://www.hofstede-insights.com/country-comparison/) tourists who are more likely 

to visit culturally distant destinations for a holiday (Jackson, 2001; Martin et al., 2017). 

The researchers argued that Western tourists' choices are shaped by the desire to avoid 

culture shock, for example, in terms of food, lifestyle, and entertainment. 
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Consequently, the lower the perceived cultural distance, the higher the intention to 

travel (Zhang et al., 2017). These studies imply that individuals are attracted to others 

whose attitudes and beliefs are like theirs and that similarities presumably provide 

reassurance for affiliation and recognition for leisure tourism. In line with our 

assertion, Liu et al. (2018) found an insignificant relationship between perceived 

cultural distance and destination choice, which means that high cultural distance does 

not necessarily put culturally distant destinations at a disadvantage.  

Learning and experiencing a new culture can be perceived as one of the motivators for 

an ed-tourist (Abubakar et al., 2014; Richards and Wilson, 2004; Sie et al., 2018). 

Tourists who perceive that the destinations they visit are close to their own culture are 

people who buy mostly entertainment and recreational tourism products. Tourists who 

are motivated to learn and experience tend to go to destinations that are different from 

their own culture (Falk et al., 2012). International tourists who go to another 

destination with a learning orientation desire to increase their personal development 

by acquiring new information, experiences, horizons, and insights, and learning 

academic or profession-specific skills (Falk et al., 2012; Sie et al., 2018). In particular, 

the desire to experience a different culture or food or learn a new language are among 

ed-tour motivations (Harazneh et al., 2018; McGladdery and Lubbe, 2017a). Novelty 

seekers are more willing to travel to culturally distant destinations in pursuit of 

different cultural experiences. The sample in this study consists of students who are 

mostly from collectivist cultures, which explains their desire to study in a culturally 

distant destination.   

Because of the growing significance of electronic marketing, eWOM and eReferral 

campaigns have become an important element of marketing strategy. Experts have 



  

72 

 

argued that increasing the number of online reviews might help minimize bad 

comments; others have indicated that responding quickly to consumer complaints can 

help neutralize negative remarks. Social networks contribute to social and economic 

progress. Virtual communities make use of modern information and communication 

technologies to create a forum for individuals from various groups to engage and 

exchange knowledge, experience, and mutual interests. Participants visit nations with 

a considerable cultural gap.  

When customers wish to go shopping online, they are more likely to land on 

recognized and more familiar websites, which will effectively enhance the amount of 

self-determination satisfaction, accelerate happiness perception, and ignite 

involvement behavior. Simultaneously, with autonomous participation willingness, 

consumers may commit more time to the virtual world, sense better levels of 

fulfillment in demands than in a controlled setting. Thus, consumer participation 

intentions will improve proportionally. Individuals' emotive judgment influences 

perceived cultural distance, which is one form of perception. Tourists' attitudes about 

their hosts improve when they engage with locals, and they begin to see themselves as 

more like the locals. Second, the acculturation process indicates that the major force 

shaping individuals' cultural values is interaction. To a greater extent, the more tourists 

interact with destination hosts, the more psychological and perceptual changes occur; 

the more they immerse themselves in local culture, the more they see themselves as 

similar to the locals. 

As educational tourism is under-researched, there are many possibilities for study and 

development. Educational tourism can help to promote global peace and equality. 

Educational tourism is an excellent means of bridging the "compassion gap." Global 
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learning may be included as an aim of any variety of educational tourism that has an 

intercultural or international component. Educational tourism addresses issues about 

authenticity, cultural stereotype propagation, and cultural commercialization while 

simultaneously promoting global tolerance and peace (McGladdery et al., 2017).  

Practitioners and theorists of international educational tourism might rely on research 

from the intimately associated field of international education. The opportunity for 

value creation exists when educational tourism is integrated with other areas of the 

tourist or industry sectors. Perhaps more than any other type of travel, educational 

tourism has the most opportunity to address these issues. Global learning components 

may be included in bulk, if not all, as educational tours for visitors of all ages. 

UNESCO's Global Monitoring Report on Education for All captures the contradictions 

of contemporary society: While technology advancement increases connectivity and 

creates new opportunities for interchange, collaboration, and solidarity, high 

intolerance, political mobilization based on identity and violence are also side effects 

of this process (UNESCO, 2015). 

5.2 Theoretical Implications 

This dissertation extends the nascent research in the domain of eReferral, eWOM, 

familiarity and cultural distance in various dimensions. Considering the strategic 

relevance of social media networks and platforms, our results add to what we know 

to produce a more inclusive theory that deals with intention to enroll. In other 

words, we extend and explain the nature and degree of influence of concepts based 

on strong and weak ties simultaneously. Given that social network illustrates how 

edu-tourists are connected and their degree of centrality. The findings of this 

dissertation delineate and explain how the antecedents of intention to enroll 
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operate cognitively. Some of these underlying mechanisms are network 

convergence, defined as “the extent to which people develop a common social 

circle” (Tseng et al., 2015, p. 603), and interdependence, defined as “the degree 

to which members in a community rely on each other to make decisions” (Tseng 

et al., 2015, p. 603). Specifically, we show that eReferral are messages originating 

from close acquittances and eWOM mostly comes from individuals without 

identities or friend friends can foster enrollment intentions among edu-tourist.  

Existing empirical efforts demonstrate a rudimentary understanding of the 

concepts of intention to enroll, its antecedents and implications in the context of 

edu-tourism. We also showcase how familiarity creates an attraction and sense of 

relatedness to a destination. Theoretically, there are mixed results on cultural 

distance, does it foster or hinder travel intentions? Our study spiced up the factors 

and consider cultural distance amid eWOM, eReferral and familiarity with the aim 

of offsetting the clash of and direction of antecedents. We showcase the theoretical 

relevance of familiarity and cultural distance in edu-tourism context to be positive. 

This research proposes that decision behavior is guided by a set of features: 

eWOM, eReferral, familiarity, and cultural distance. The study sheds theoretical 

light on the eReferral, eWOM, familiarity, and cultural distance concepts by 

examining their effects on intention to enroll in the edu-tour context. Second, despite 

the abundant literature on referral marketing, only a few studies have examined the 

influence of electronic referrals on enrollment intention. This study enriches our 

understanding on the simultaneous effects of eWOM and eReferral, which offers 

theoretical and marketing insights on how universities can make better use of these 

concepts. Third, the incorporation of cultural distance and familiarity allows for theory 

building as these concepts were mostly considered as ideal phenomena. We therefore 
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extend the literature by exploring their intersection. Fourth, this study contributes to 

the ed-tour literature methodologically by revealing the presence of symmetrical and 

asymmetrical associations between the concepts investigated.  

5.3 Practical Implications 

Social networks are web shaped social capital that picturize how individuals are 

connected to others with an illustration on the level of relationship centrality. 

According to Johnson (2014, p. 41), degree centrality refers to “the number of peers 

with whom a student has face-to-face interactions, and so is a marker of the size of that 

student’s microsystem(s).” Drawing on social network theory our study contributes to 

edu-tourist attraction managerial understanding. Specifically, we explore antecedents 

that foster intention to enroll and or study in a foreign country. Differing from 

conventional studies and approaches that rely on marketing and promotions, we 

generate insights from social network theory in the context of social media usage and 

networking based on weak and strong ties concepts. Our findings echoed strong 

message for practitioners and informed them about the presence of heterogenous actors 

in the SNS that is based on relational relevance. For instance, individuals with weak 

ties have varied level of influence and/or persuading power compare to individuals 

with strong social ties.   Thus, the stakeholders in edu-tourism are encouraged to design 

and take into account the power of eReferral and eWOM. For instance, administrators 

can capitalize on eReferral on mobile based platforms and apps, and eWOM on web-

based or general platforms. Because individuals relate more with close associates on 

mobile based apps and more with distant or unknown messages on web-based apps. 

Nevertheless, a mixture of both could be used based on connecting devices as mobile 

is about to become the standard access points for most user. Furthermore, the findings 

of this dissertations have practical relevance from familiarity and cultural dimensions, 
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we offer critical take home message for managers in edu-tourism industry who strive 

to attract edu-tourists. Since familiarity and cultural distance are motivating factors, 

managers could build on this to attract edu-tourists from a distant culture and also 

target and bombard users with enticing and appealing promotions on their social media 

webpages. However, it is important to regulate the rate as excessive promotions and 

marketing campaigns have been shown to diminish its effectiveness (Alwreikat & 

Rjoub). The research model and propositions stands to help destination marketers and 

administrators to understand how and what they can build on to establish destination 

competitiveness. 

The outcomes of the present study can assist ed-tour managers in creating a tailored 

and persuasive marketing strategy to increase their market share. Our findings 

indicate that positive eReferral and eWOM can contribute to universities’ marketing 

strategies. Consequently, universities should study effective ways of enhancing 

positive eReferral and eWOM in the market. The concept of eReferral offers an 

alternative and better medium to reach ed-tourists using social networks. The empirical 

evidence indicates that cultural distance and familiarity should be incorporated in 

marketing and management strategies for ed-tour, given their central role in enrollment 

decision-making. In order to penetrate the information sharing on social media and 

promote eWOM and eReferral, destinations’ and institutions’ marketing efforts 

should include collaborations with bloggers, vloggers, and influencers. 

Administrators and managers can identify weak points by encouraging tourists to 

air their anger or dissatisfaction while they are still in-house (Alrawadieh and 

Dincer, 2019). This approach could reduce the number of negative online reviews.  
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5.4 Limitations and Recommendations for Future Research 

We build on social network theory and theoretical underpinnings to propose the study 

conceptual model. Although, we hope that the study will spart debate among 

researchers in edu-tourism domain, we also wish to cautioned readers about the sample 

coverage as subject and faculty or domain of study was not captured. We believe this 

can have profound impact of the choice of studying abroad and/or desire to engage in 

edu-tourism. For instance, medicine and other important areas are sometimes 

unavailable, scarce, underdeveloped and very competitive in many countries around 

the world. Thus, the issue of necessity and not necessarily the studied concept may 

play a dominant role.  Future studies are encouraged to diagnose the role of study 

subject, availability, and competition in home countries of edu-tourists when 

investigating the tested associations as majority of social sciences concepts are not 

universals. Furthermore, governmental regulations and agreements with host countries 

can have profound impact on the choice of studying abroad and faculty of study, which 

therefore limits the factors studied. A comprehensive study considering all this factors 

concurrently is a fruitful research avenue, and we are certain valuable insights can be 

generated for practical use.  

Applicable to most empirical work, this dissertation has a few limitations that worth 

stating. First and foremost, the study data were garnered from individuals categorized 

as ed-tourists who are studying at universities located in Northern Cyprus. Since most 

of the respondents have Turkish origin, we suspect that the generalizability of the 

results cannot be inferred. Thus, scholars are therefore encouraged to extend 

investigation in other destinations with varied cultural settings and makeup. Second, 

even though classical technique (i.e., linear modeling) and contemporary technique 
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(i.e., artificial intelligence techniques), the cross-sectional and self-reported survey 

design has the potency to created biased outcomes (i.e., superficial high or low 

associations among the studied variables). Upcoming research are therefore 

encouraged to use larger sample size, use longitudinal and experimental design, multi-

sourced and/or secondary data. Third, characteristics such as major, social impact, 

motivation to study, and reputation of the destination or university were not taken into 

consideration. Future studies may consider these variables for better comprehension. 

Finally, the study has limitations on the number of considered antecedents and 

contextual variables, for instance, destination image, trust and awareness were not 

examined. These variables have been shown to exert and explained significant degree 

of variance in intention to enroll.  
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Appendix A: The List of Items and Descriptive Statistics 

Scale Items   

eReferral -   Mean = 3.62; Std. Deviation = .77; Alpha = .53. Mean Std. Deviation 

RFQ1 – “I often consider institutions referred by my friends, colleagues and family” 3.66 1.06 

RFQ2 – “I often consider institutions referred by trusted firms and social network site” 3.80 1.05 

RFQ3 – “When I enroll in an institution that is not referred, I worry about my decision” 3.49 1.09 

RFQ4 – “Online referrals increase my confidence in enrolling to an institution” 3.52 1.03 

Electronic word-of-mouth (eWOM) - Mean = 3.63; Std. Deviation = .71; Alpha = .76.   

WMQ1 - "I often read other students’ online reviews to know which institutions make good impressions on others” 3.72 1.09 

WMQ2 – ‘To make sure I enroll in a good institution, I often read other students’ online reviews” 3.84 1.05 

WMQ3 – “I often consult other students’ online reviews to help choose the right institution” 3.73 1.05 

WMQ4 – “I frequently gather information from online reviews before I make a decision on a certain institution” 3.83 1.00 

WMQ5 – “If I don’t read students’ online reviews, I worry about my enrollment decision” 3.08 1.16 

WMQ6 – “Students’ online reviews make me confident in enrolling to an institution” 3.59 1.02 

Familiarity -   Mean = 3.36; Std. Deviation = .89; Alpha = .71.   

FMQ1 – “I am familiar with searching for information online” 3.19 1.20 

FMQ2 – “I am familiar with social media platforms” 3.38 1.17 

FMQ3 – “I am familiar with the processes of searching and getting information about institutions online” 3.52 1.13 

FMQ4 – “I am familiar with inquiring about the ratings of institutions online” 3.34 1.14 

Students’ enrolment intentions - Mean = 3.85; Std. Deviation = .74; Alpha = .50.   

ENQ1 – “I  enroll in this institution rather than any other institution available” 3.48 1.11 

ENQ2 – “I am willing to recommend others to enroll in this institution” 3.91 1.01 

ENQ3 – “I intend to enroll to this institution in the future” 4.14 .97 

Cultural distance - I feel comfortable dealing with people whose  Mean = 3.80; Std. Deviation = .74, Alpha = .72.   



  

 

 

CDQ1 – “Ethnicity is very different from me” 4.13 .94 

CDQ2 – “Nationality is very different from me” 4.04 .95 

CDQ3 – “Language is very different from me” 3.98 .96 

CDQ4 – “Customs is very different from me” 3.49 .95 

CDQ5 – “Religious is very different from me” 3.58 .99 

CDQ6 – “Way of life is very different from me” 3.48 1.05 

Notes: Short scales with less than 5 items can have alpha between .50 to .70 (Hinton et al., 2004; Piedmont, 2014). When short scales have 

persistent low alpha value, cross-checking the mean inter-item correlations with the optimal range of .20 to .40 (Briggs & Cheek, 1986). This 

study measures have low alpha value due to their nature, and the inter-item correlations were adequate. Besides, this research employed ANN 

that has superior predictive power(Sim et al., 2014); no mandates for multivariate assumptions such as homoscedasticity, normality, internal 

consistency due to ANN’s ability to handle noisy data (Abubakar et al., 2019; Sharifi et al., 2019). Thus, the low alpha scores appear not to be a 

major problem.  
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Appendix C: R Codes 

 
# check for missing values 
apply(Akiledata ,2,function(x) sum(is.na(x)))  
# 75% for training and the 25% for testing 
index <- sample (1:nrow(Akiledata ),round(0.75*nrow(Akiledata ))) 
train1 <- Akiledata [index,] 
test1 <- Akiledata [-index,] 
# appling LM on the model 
lm.fit <- lm (ENR ~ EREF + EWOM + FAM + CLD, data = Akiledata) 
# generating results (e.g., estimates and t-values) 
summary(lm.fit)  
# testing the model with the test for Akiledata  
pr.lm <- predict(lm.fit,test1)  
MSE.lm <- sum((pr.lm -  test1$ENR)^2)/nrow(test1) 
print(paste(MSE.lm)) 
 
##################################################### yukleme 
library(relaimpo) 
# Calculate Relative Importance for Each Predictor 
calc.relimp(lm.fit,type=c("lmg","last","first","pratt"), rela=TRUE) 
# Bootstrap Measures of Relative Importance (1000 samples)  
boot <- boot.relimp(lm.fit, b = 1000, type = c("lmg","last", "first", "pratt"), rank = TRUE,  
  diff = TRUE, rela = TRUE) 
  # to print result 
booteval.relimp(boot)  
# to plot result 
plot(booteval.relimp(boot,sort=TRUE))  
 
####################################### 
# NEURAL NET FITTİNG 
####################################### 
maxs <- apply(Akiledata , 2, max)  
mins <- apply(Akiledata , 2, min) 
scaled <- as.data.frame(scale(Akiledata , center = mins, scale = maxs - mins)) 
train_  <- scaled[index,] 
test_  <- scaled[-index,] 
library(neuralnet) 
nn <- neuralnet (ENR ~ EREF + EWOM + FAM + CLD, data = train_, hidden = c(2,2), err.fct="sse",
 linear.output= FALSE) 
plot(nn)     
par(mfrow=c(2,2)) 
gwplot(nn, selected.covariate= "EREF", selected.response = "ENR",  min=-5, max=5) 
gwplot(nn,selected.covariate= "EWOM", selected.response = "ENR",  min=-5, max=5) 
gwplot(nn,selected.covariate= "FAM", selected.response = "ENR",  min=-5, max=5) 
gwplot(nn,selected.covariate= "CLD", selected.response = "ENR",  min=-5, max=5) 
nn$result.matrix 
columns <- c("EREF", "EWOM", "FAM", "CLD") 
covariate <- subset(test_ , select = columns) 
pr.nn <- compute(nn, covariate, rep=1) 
# Next step 
pr.nn_ <-   pr.nn$net.result*(max(test_$ENR)-min(test_$ENR))+min(test_$ENR)    
test.r <-  (test_$ENR)*(max(test_$ENR)-min(test_$ENR))+min(test_$ENR)      
# Calculating MSE 
MSE.nn <- sum((test.r - pr.nn_)^2)/nrow(test_)   
#Compare the two MSEs 
print(paste(MSE.lm, MSE.nn)) 
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#############################Cross validation for linear 
model###########################  
library(boot) 
set.seed(200) 
lm.fit <- glm(ENR ~ EREF + EWOM + FAM + CLD, data = Akiledata ) 
cv.glm(Akiledata ,lm.fit,K=10)$delta[1] 
############################FOR TRAİNİNG###################### 
set.seed(450) 
cv.error <- NULL 
k <- 10 
library(plyr)  
pbar <- create_progress_bar('text') 
pbar$init(k) 
for(i in 1:k) 
{ 
    index <- sample(1:nrow(Akiledata ),round(0.75*nrow(Akiledata ))) 
    train.cv <- scaled[index,] 
    test.cv <- scaled[-index,] 
    library(neuralnet) 
nn <- neuralnet (ENR ~ EREF + EWOM + FAM + CLD, data = train_, hidden = c(2,2), err.fct="sse",
 linear.output=FALSE) 
 columns <- c("EREF", "EWOM", "FAM", "CLD") 
 covariate <- subset(train.cv, select = columns) 
 pr.nn <- compute(nn, covariate, rep=1) 
 pr.nn <-   pr.nn$net.result*(max(train.cv$ENR)-min(train.cv$ENR))+min(train.cv$ENR)  
 train.cv.r <-  (train.cv$ENR)*(max(train.cv$ENR)-min(train.cv$ENR))+min(train.cv$ENR)       
 cv.error[i] <- sum((train.cv.r - pr.nn)^2)/nrow(train.cv) 
 print(paste(cv.error[i])) 
    pbar$step() 
} 
mean(cv.error) 
############################FOR TESTİNG################## 
set.seed(450) 
cv.error <- NULL 
k <- 10 
library(plyr)  
pbar <- create_progress_bar('text') 
pbar$init(k) 
for(i in 1:k) 
{ 
    index <- sample(1:nrow(Akiledata ),round(0.75*nrow(Akiledata ))) 
    train.cv <- scaled[index,] 
    test.cv <- scaled[-index,] 
    library(neuralnet) 
nn <- neuralnet (ENR ~ EREF + EWOM + FAM + CLD, data = test_, hidden = c(2,2), err.fct="sse",
 linear.output= FALSE) 
 columns <- c("EREF", "EWOM", "FAM", "CLD") 
 covariate <- subset(test.cv, select = columns) 
 pr.nn <- compute(nn, covariate, rep=1) 
 pr.nn <-   pr.nn$net.result*(max(test.cv$ENR)-min(test.cv$ENR))+min(test.cv$ENR)  
  
 test.cv.r <-  (test.cv$ENR)*(max(test.cv$ENR)-min(test.cv$ENR))+min(test.cv$ENR)       
 cv.error[i] <- sum((test.cv.r - pr.nn)^2)/nrow(test.cv) 
 print(paste(cv.error[i])) 
    pbar$step() 
} 
mean(cv.error) 
 


